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Abstract  
The rapid evolution of artificial intelligence (AI) has catalysed a transformative shift 
in the global banking landscape, with consumers increasingly turning to AI -powered 
applications for everyday financial management (Chukwudi et al., 2023). In 
response,  fintech companies are intensifying efforts to enhance user experience 
through a seamless integration of intelligent functionalities and intuitive design. The 
intersection of user interface (UI) design and AI -driven personalisation has emerged 
as  a  c rit ica l de t e rminant  of us e r t rus t , s a t is fac t ion, and s us t aine d e ngage me nt  (Md 
Ashrafuzzaman et al, 2025) . This study investigates the relationship between user 
interface design elements, such as color palette, information density, and 
gamification, and AI -driven banking features, including savings recommendations, 
fraud alerts, and spending categorisation (I ndependent variable), to understand 
their combined impact on consumer engagement (dependent variable ) in AI -
powered financial platforms.  
 
Employing a mixed-methods design, the study combines quantitative user surveys 
with qualitative insights to assess engagement metrics (including session 
frequency, feature adoption, and duration of use) alongside perceptions of UI 
aesthetics and AI functio nality. Statistical analyses, including correlation and 
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regression modeling, will identify significant predictors of engagement. Meanwhile, 
ope n-e nded re s pons e s  will e nrich t he  unde rs t anding of us e r t rus t , pe rce ive d va lue , 
and s a t is fac t ion. In  conclus ion, t he  re s ult s  de mons t ra t e  t ha t  while  UI de s ign 
e s t ablis he s  t he  condit ions  for t rus t  and e as e  of us e , AI fe a ture s  provide  s us t a ined, 
func t ional va lue  t ha t  drive s  cons is t e nt  e ngage me nt . The s e  findings  highlight  t he  
import ance  of a  dual-focus  de ve lopme nt  s t ra t e gy in  fint e ch, one  t ha t  e qually 
priorit is e s  intuit ive , high-qua lit y int e rface  de s ign and impac t ful, va lue -drive n AI 
capabilit ie s  t o  cult iva t e  s t rong and enduring cons ume r re la t ions hips . 
 
In  conc lus ion,  t he  re s ult s  de mons t ra t e  t ha t  while  UI de s ign e s t ablis he s  t he  
condit ions  for t rus t  and e as e  of us e , AI fe a ture s  provide  s us t a ine d, func t ional va lue  
t ha t  drive s  cons is t e nt  e ngage me nt . The s e  findings  highlight  t he  import ance  of a  
dua l-focus  de ve lopme nt  s t ra t e gy in  fint e ch, one  t ha t  e qua lly priorit is e s  intuit ive , 
high-qualit y int e rface  de s ign and impac tful, va lue -drive n AI capabilit ie s  t o  cult iva t e  
s t rong and e nduring cons ume r re la t ions hips . 
 
Keywords:AI -powered banking, UI design, consumer engagement, trust, 
gamification, personalisation, fintech, human -AI interaction  
 
Chapter 1:  Introduction  
 
The rapid evolution of artificial intelligence (AI) has revolutionized the financial 
sector, with AI -powered banking applications becoming a cornerstone of modern 
financial management (Chukwudi et al., 2023)). As fintech companies strive to 
enhance user ex perience, the interplay between user interface (UI) design and AI -
driven functionalities has emerged as a critical factor influencing consumer trust, 
satisfaction, and engagement (Chitrakar et al., 2024). Despite the growing adoption 
of AI in banking, ther e remains a gap in understanding how specific UI design 
elements such as color schemes, information density, and gamification interact with 
AI features like savings recommendations, fraud alerts, and spending categorization 
to shape user engagement (Indria sari et al., 2022).  
 
In this evolving digital landscape, the interplay between effective user interface 
design and AI-driven personalisation has emerged as a pivotal factor influencing 
user trust, overall satisfaction, and, crucially, sustained consumer engagement with 
banking  applications (Paneru et al., 2024 ; Kumarasinghe, 2024). A well -designed 
user experience (UX) is no longer merely a competitive advantage but a fundamental 
requirement for digital banking products to succeed and retain users in a crowded 



market (Kreger, 2023). Poor design, conversely, can lead to frustration, 
dis e ngage me nt , and a  pot e nt ial los s  of cus tome rs  (Kre ge r, 2023). 
 
Although the re  is  an inc re as ing amount  of re s e a rch focus e d on AI in  finance  and 
UI/UX de s ign, a  t horough compre he ns ion of t he  int e rplay be twe e n s pe c ific  UI de s ign 
compone nt s  and AI-drive n banking func t iona lit ie s  in  s haping cons ume r e ngage me nt  
s t ill pre s e nt s  opportunit ie s  for de e pe r inve s t iga t ion. At  t he  s ame  t ime   re s e a rch has  
e xplore d how UI ae s the t ic s  impac t  cons ume r mot iva t ion (Cheng, 2025) and how AI 
fe a ture s  a ffe c t  us e r s a t is fac t ion and cont inua t ion int e nt ion (Pune e t t  Bha tnagr and 
Ra je s h, 2024),  t he  e mpirical lit e ra ture  cons is t e nt ly a ls o de mons t ra t e s  t ha t  whe n 
s e curit y fe a ture s  a re  e ffe c t ive ly communicat e d through UI de s ign and re inforced by 
re liable  s ys t e m pe rformance , us e rs  e xhibit  highe r t rus t  le ve ls  and gre a t e r 
e ngage me nt  willingne s s . 
 
 Thus  , it  is  ne ce s s a ry t o  e xamine  the  joint  e ffe c t  of t he s e  s e para t e  but  re la t e d 
e le me nt s . More ove r, t he  e s s e nt ia l importance  of us e r t rus t  in  AI-drive n s ys t e ms , 
e s pe c ia lly in  t he  s e ns it ive  a re a  of financ ial se rvice s , re quire s  furthe r e xamina t ion 
(Bach e t  a l., 2022; Hari e t  al., 2021).  
 
This  s tudy s e e ks  t o  bridge  this  gap by e xamining the  re la t ions hip be twe e n UI de s ign 
and AI func t iona lit ie s  (inde pende nt  va riables ) and the ir colle c t ive  impac t  on 
cons ume r e ngage me nt  (de pe nde nt  va riable ) in  AI-powe re d banking apps  and the ir 
inde pe nde nt  impac t  on building t rus t  and maint a ining cons ume r e ngage me nt .  
Engage me nt  will be  me as ure d through s e s s ion fre quency, fe a ture  adopt ion ra t e s , 
and dura t ion of us e , a longs ide  qua lit a t ive  ins ight s  into us e r pe rce pt ions  of t rus t  and 
usability (Ayomiposi Feyisekemi Akinwale 2022; Runsewe et al., 2024). 
 
Utilising a mixed -methods research approach, this study will combine quantitative 
user surveys to collect measurable information on engagement metrics and views 
regarding UI aesthetics and AI performance. This will be enhanced by qualitative 
insights gathe red from open -ended answers, broadening the comprehension of user 
experiences, trust, and perceived value. Statistical methods, such as correlation and 
regression analysis, will be employed to determine important predictors of 
engagement, offering empirica l support for the examined relationships.  
 
The findings will provide actionable insights for fintech developers, enabling the 
creation of more intuitive, engaging, and trustworthy financial platforms. By 
integrating perspectives from design psychology, AI usability, and consumer 
behavior, this rese arch contributes to the broader discourse on human -AI 



interaction in fintech, offering strategies to improve digital retention and long -t e rm 
us e r re la t ions hips  (Rohit  e t  a l., 2025). 
 
 
Chapter 2: Literature Review  
 
This chapter offers a critical synthesis of the literature relevant to understanding the 
relationship between User Interface (UI) design, Artificial Intelligence (AI) features, 
and consumer engagement within digital banking applications. The central aim is  to 
build a solid theoretical and empirical foundation for the study by engaging with 
scholarship from information systems, design psychology, human -computer 
interaction (HCI), and financial technology. The review is organised thematically, 
beginning with an exploration of the historical and strategic development of digital 
banking to provide essential context. It then examines the key constructs of AI 
integration, UI design, and consumer engagement by considering their theoretical 
grounding and empirical s upport. Finally, the chapter draws these strands together 
to identify the research gap: the lack of integrated analysis on how specific UI 
components and AI -driven features collectively influence user trust and 
engagement. This progression, from broad cont extual framing to focused 
theoretical discussion, leads to a clear justification for the research undertaken in 
this dissertation.  
 
2.1 The Evolution of Digital Banking: From Automation to AI -Personalisation  
 
The development of digital banking has been shaped by successive waves of 
technological innovation, evolving from basic electronic services to the 
sophisticated, artificial intelligence -enabled platforms used today. Its origins can be 
traced to the mid -1970s with the introduction of Automated Teller Machines (ATMs), 
which provided consumers with unprecedented access to their finances (Teplov, 
Danii, 2019). This milestone laid the groundwork for more complex digital solutions, 
followed in the late 1990s by t he introduction of SMS banking and the rapid 
expansion of internet banking services. Early adopters such as Stanford Federal 
Credit Union (1994) and Wells Fargo (1996) were instrumental in popularising online 
banking, expanding consumer access and paving t he way for mainstream adoption. 
The exponential rise in personal computer and smartphone usage during the 
twenty -first century accelerated this trajectory, transforming consumer behaviour 
to the extent that mobile devices are now the primary channel for ma naging financial 
activities (Cheng, 2025). As a result, digital banking has grown to encompass a wide 
spectrum of services, ranging from interbank transfers and global fund movements 



to bill payments, account management tools, and virtual safe deposit services 
(Ayomipos i Fe yis e ke mi Akinwale , 2022), re fle c t ing both rapid t e chnologica l progre s s  
and e volving cons ume r e xpe c t a t ions . 
 
The  curre nt  s t age  of banking innova t ion, ofte n de s c ribe d as  "Digit al Bank 4.0 ," is  
de fine d by the  int e gra t ion of advance d t e chnologie s  s uch as  a rt ific ial int e llige nce , 
dis t ribut ed le dge r s ys t e ms , c loud comput ing, and predic t ive  da t a  ana lyt ic s  
(Indrias a ri e t  a l., 2022). This  t rans format ion has  s purre d the  e me rge nce  of digit a l-
firs t  challe nge r banks  s uch as  Monzo, N26 , Re volut , and Wis e , a longs ide  t he  rapid 
growth of fint e ch companie s  ope ra t ing through mobile -firs t  pla t forms  (Ayomipos i 
Fe yis e ke mi Akinwale , 2022). The s e  ins t itut ions  a re  re de fining cons ume r 
e xpe c t a t ions  by priorit is ing fle xibilit y, acce s s ibilit y, and e nhance d s e curit y, while  
de live ring gre a t e r ope ra t ional e ffic ie ncy. A ke y focus  of this  phas e  is  t he  
de ve lopme nt  of more  int e llige nt  and re s pons ive  banking e cos ys t e ms , whe re  re a l-
t ime  da t a  analyt ic s  e mbe dde d within us e r int e rface s  e nable  adapt ive  and 
pe rs ona lis e d int e rac t ions . For e xample , pla t forms  can dynamica lly adjus t  conte nt  
during cus tome r us e , not  only fac ilit a t ing t rans ac t ions  but  als o offe ring cus tomis e d 
produc t  re comme nda t ions  and re t e nt ion s t ra t e gie s  (Indrias a ri e t  a l., 2022; Md 
As hra fuzzaman e t  a l., 2025). Such prac t ice s  a lign with t he  Re s ource -Bas e d Vie w 
(RBV) of s t ra t e gic  manage me nt , in  which the  e ffe c t ive  de ployme nt  of t e chnological 
a s s e t s  s uch as  AI and analyt ic s  s e rve s  as  a  dis t inc t ive  capabilit y t ha t  unde rpins  
compe t it ive  advantage  (Barne y, 1991). 
 
Alongs ide  t he s e  advance me nt s , t he  digit al banking s e c tor has  inc re as ingly 
e mbrace d cus tome r orie nta t ion as  a  s t ra t e gic  priorit y, re quiring a  shift  toward 
be haviour-informe d s e rvice  de s ign. Financ ial ins t it ut ions  now re ly he avily on 
ana lys ing us e r int e rac t ions  t o  ge ne ra t e  ins ight s  into cons ume r pre fe re nce s , ne e ds , 
and be havioura l pa t t e rns  (Kart ike y Kot i, 2024). The s e  ins ight s  inform the  de s ign of 
cus tomis e d financia l produc t s , opt imis e d s e rvice  pa thways , and t a rge t e d marke t ing 
s t ra t e gie s  t a ilore d to  individua l us e rs . This  proce s s  involve s  t he  applica t ion of la rge -
s ca le  da t a  ana lys is , AI-drive n pe rs onalis a t ion, and adapt ive  int e rface  de s ign to  
automate  de c is ion-making, s t re amline  s e rvice  de live ry, and re inforce  cus tome r 
re la t ions hips  (Lin, 2025). In  t his  s e ns e , digita l banking no longe r re pre s e nt s  me re ly 
t he  online  de live ry of financ ial s e rvice s  but  a  fundame nta l re configura t ion of t he  
banking e xpe rie nce , s hape d by cont inuous  da t a  colle c t ion, cus tome r profiling, and 
adapt ive  frame works  (Liu e t  a l., 2024). Ne ve rthe le s s , cha lle nge s  re main: us abilit y 
is s ue s  s uch as  comple x naviga t ion, de laye d s ys t e m re s pons e s , and t e chnica l 
fa ilure s  cont inue  to  limit  us e r e xpe rie nce  in  s ome  pla t forms , a s  e vide nce d by s tudie s  
of applica t ions  like  “B App” in  Sri Lanka  (Kumaras inghe , 2024). The s e  findings  



highlight that while technology continues to advance, ensuring a seamless and 
s e cure  us e r e xpe rie nce  re mains  ce nt ra l t o  the  s ucce s s  of digit al banking. 
 
2.2 Integration of AI and UI design into Online Banking to influence Consumer 
Engagement  
 
The integration of Artificial Intelligence (AI) into online banking must first be 
understood within the broader context of digital transformation in financial services. 
The literature identifies six interconnected macro -level drivers reshaping the 
banking industry: technological innovation, ecosystem -based business models, 
sustainability imperatives, digital asset proliferation, evolving workforce dynamics, 
and shifting regulatory environments (Felipe et al., 2025). These trends highlight 
that AI adoption i s not a standalone phenomenon but part of a systemic 
restructuring of banking practices that extends across retail, corporate, and capital 
market functions. Within this environment, Generative AI has emerged as a 
particularly influential enabler, capable o f automating complex processes, 
generating tailored insights, and supporting intelligent service delivery (Jai, 2024; 
Generative AI for Enhanced UI Design, 2023). The relevance of this literature lies in 
demonstrating that AI -enabled systems align with ris ing consumer expectations for 
speed, convenience, and seamless integration, positioning AI as central to the 
creation of more adaptive, customer -centric banking ecosystems. This broader 
perspective provides the foundation for understanding why AI is an ess ential lens for 
studying consumer engagement in digital banking.  
 
A second stream of literature focuses on the core domains of AI application in 
banking, namely customer service, security, and personalisation. Customer -facing AI 
systems, most notably intelligent chatbots, have evolved from rule -based scripts 
into sophist icated assistants capable of handling complex queries and delivering 
personalised guidance (Hari et al., 2021; Rohit et al., 2025). This shift reflects the 
sector’s movement towards automated service models designed to balance 
efficiency with user satisfac tion. Security -focused research emphasises AI’s role in 
fraud detection, anomaly recognition, and biometric verification (Layla Abdel -
Rahman Aziz & Andriansyah, 2023; Olowu et al., 2024), where machine learning 
techniques and neural networks enable real -ti me risk assessment. Personalisation, 
meanwhile, represents one of AI’s most transformative contributions, with systems 
generating tailored financial recommendations and adaptive interface experiences 
(Md Ashrafuzzaman et al., 2025; Chukwudi et al., 2023). The relevance of this body of 
work lies in showing how AI is not only optimising operations but also reshaping the 
way consumers interact with financial platforms —an essential consideration for 



examining engagement. However, the literature also raises critical challenges: 
adopt ion de pe nds  on cons ume r pe rce pt ions  of us e fulne s s , t rans pare ncy, and t rus t , 
fac tors  oft e n unde re s t ima te d in  t e chnica lly focus e d s tudie s . 
 
Pa ra lle l t o  AI-focus e d s chola rs hip, anothe r body of lit e ra ture  e xamine s  us e r 
int e rface  (UI) de s ign as  a  de t e rminant  of cons ume r t rus t  and e ngage me nt  in  digita l 
banking. Drawing from de s ign ps ychology, human-compute r int e rac t ion, and 
ins t it ut ional t he ory, t his  re s e a rch e mphas ise s  t ha t  us e r-ce nt ric  de s ign goe s  be yond 
ae s the t ic s  t o  a ffec t  de c is ion-making e fficie ncy, t rus t  format ion, and pla t form 
c re dibilit y (Te plov, 2019 ; Chit rakar e t  a l., 2024). Studie s  highlight  t he  role  of colour 
s che me s  in  cult iva t ing pe rce pt ions  of s t abilit y, informat ion organis a t ion in  managing 
cognit ive  load, and cons is t e ncy in  naviga t ion pa t t e rns  in  re duc ing lea rning ba rrie rs  
(Hick, 1952; Schwart z, 2004; Yablons ki, 2024). The  lit e ra ture  als o incorpora t e s  
t he ore t ica l pe rs pe c t ive s  s uch as  me nta l mode ls  and Ge s t a lt  principle s  t o  e xpla in 
how int e rface  a lignme nt  with us e r e xpe c t a t ions  re duce s  fric t ion and fac ilita t e s  
s moothe r e ngage me nt  (Ge ntne r & Ste ve ns , 2014). Import ant ly, s chola rs  link high-
qua lit y UI de s ign with e nhance d us e r t rus t , de mons t ra t ing tha t  whe n cons ume rs  
pe rce ive  s ys t e ms  as  re liable , s e cure , and e as y to  us e , t he ir willingne s s  t o  e ngage  
de e pe ns  (Cas a ló e t  a l., 2024; Kumaras inghe , 2024). This  body of work is  pa rt icula rly 
re le vant  be caus e  it  pos it ions  UI as  t he  primary touchpoint  whe re  us e rs  form 
judge me nt s  about  ins t it ut ional c re dibilit y, a  ke y fac tor in  engage me nt  with AI-drive n 
s e rvice s . 
 
Fina lly, t he  lit e ra ture  conve rge s  on cons ume r e ngage me nt  and t rus t  a s  outcome s  
s hape d joint ly by AI func t iona lit y and UI de s ign. Engage me nt  is  conce ptua lis e d 
ac ros s  be havioura l, affe c t ive , and cognit ive  dime ns ions , ranging from fe a ture  
adopt ion and s e s s ion fre que ncy to  s a t is fac t ion, pe rce ive d va lue , and cont inuance  
int e nt ion (Ayomipos i Fe yis e ke mi Akinwale , 2022; Chukwudi e t  a l., 2023). Expe c t a t ion 
Confirmat ion The ory (Olive r, 1980) he lps  e xpla in how s a t is fac t ion e me rge s  whe n AI-
drive n s e rvice s  me e t  or e xce e d cons ume r e xpe c t a t ions , while  ins t it ut iona l t he ory 
highlight s  t he  import ance  of s e curit y and compliance  in  building digit al t rus t . Acros s  
t he s e  s tudie s , t rus t  cons is t e nt ly e me rge s  as  both a  pre condit ion and outcome  of 
e ngage me nt , cont inge nt  on pe rce pt ions  of s e curit y, t rans pare ncy, and us abilit y 
(Bach e t  a l., 2022; Cas a ló e t  al., 2024). Crit ica lly, while  s e para t e  lit e ra ture s  e xamine  
AI, UI, and e ngage me nt  inde pe nde nt ly, t he re  re mains  a  lack of int egra t e d ana lys is  
e xploring how s pe cific  AI fe a ture s  and UI e le me nt s  int e rac t  t o  influe nce  t rus t  and 
e ngage me nt . This  gap unde rs core s  t he  ne e d for re s e a rch tha t  bridge s  t he s e  
domains , providing both t heore t ica l ins ight  and prac t ica l implica t ions  for t he  de s ign 
of AI-powe re d financ ia l pla t forms . 



 
 
2.3 Theoretical Frameworks for AI and UI in Banking 
 
Understanding how users interact with AI -powered banking applications requires 
drawing upon multiple theoretical perspectives (further discussed below in Chapter 
3) that span behavioural, cognitive, and strategic domains. At the adoption stage, 
the Technol ogy Acceptance Model (TAM) (Davis, 1989) provides a foundational 
explanation, emphasising that perceived usefulness and ease of use are decisive in 
shaping technology uptake (Ghali, 2021). This is complemented by Expectation 
Confirmation Theory (ECT) (Oliv er, 1980), which explains continuance intention: 
when AI features meet or exceed expectations, satisfaction and ongoing use are 
reinforced (Puneett Bhatnagr and Rajesh, 2024; Ghali, 2021). Perceived 
Anthropomorphism (PAI) (Urquiza -Haas and Kotrschal, 2015) adds a further 
dimension by showing how human -like qualities in AI can strengthen trust and foster 
emotional engagement (Hari, Iyer and Sampat, 2021). From a strategic angle, the 
Resource -Based View (RBV) positions AI capabilities as distinctive, hard -to -replicate 
assets that can generate sustainable competitive advantage (Barney, 1991; 
Pamisetty, 2025; Xu et al., 2024). Similarly, Rogers’ Diffusion of Innovations (DOI) 
Theory (1995) highlights that the perceived relative advantage and compatibility of 
AI features are central to determining adoption rates (Hari, Iyer and Sampat, 2021). 
At the technical core, the Theory of Neural Networks explains the operational 
foundation of AI applications, enabling functions such as fraud detection and 
personalised recom mendations (None Olawale Olowu et al., 2024; Pamisetty, 2025).  
 
Parallel to AI, the evolution of User Interface (UI) design has shifted from being a 
functional necessity to a strategic differentiator (Kreger, 2023; Paneru et al., 2024). 
Institutional Theory (DiMaggio and Powell, 1983) suggests that financial institutio ns 
increasingly adopt sophisticated UI/UX practices not only for operational efficiency 
but also to align with industry norms and strengthen legitimacy. The cognitive 
dimension of design effectiveness is illuminated by theories such as Mental Models 
(Gentn er and Stevens, 2014), which stress that intuitive design emerges when 
interfaces align with users’ existing cognitive frameworks (Chitrakar et al., 2024). 
Similarly, Gestalt principles guide the perceptual organisation of visual elements, 
ensuring coheren ce and clarity. Navigation and decision -making are explained by 
Hick’s Law (1952) and the Paradox of Choice (Schwartz, 2004), both of which argue 
for streamlined pathways to minimise decision latency and reduce user anxiety. 
Jakob’s Law (Yablonski, 2024) f urther reinforces the importance of familiarity, 
suggesting that consistency with other digital platforms enhances usability and 



trust. Finally, the E -S-QUAL mode l (Paras uraman, Ze ithaml and Malhot ra , 2005) 
provide s  a  s e rvice -qualit y pe rs pe c t ive , de mons t ra t ing how UI influe nce s  
pe rce pt ions  of e fficie ncy, re s pons ive ne s s , and privacy. 
 
Synthe s is ing the s e  pe rs pe c t ive s , t his  s t udy adopt s  an int egra t e d frame work whe re  
AI fe a ture s  and UI de s ign e le me nt s  ope ra t e  a s  e xt e rna l s t imuli within t he  us e r 
e xpe rie nce . Cognit ive  and be havioural t he orie s  s uch as  ECT, PAI, Me nta l Mode ls , and 
Hick’s  Law he lp e xpla in t he  int e rnal proce s s e s  t hrough which us e rs  int e rpre t  the s e  
s t imuli, s haping pe rce pt ions  of us e fulne s s , s a t is fac t ion, and t rus t . The s e  
ps ychologica l out come s , in  t urn, guide  us e r re s pons e s , obs e rvable  in  e ngage me nt  
be haviours  s uch as  cont inuance  int e nt ion, fe a ture  adopt ion, and s e s s ion fre que ncy. 
Me anwhile , broade r s t ra t e gic  the orie s  s uch as  RBV and DOI provide  t he  
organis a t iona l conte xt , e xpla ining why and how financ ia l ins t it ut ions  imple me nt  
t he s e  t e chnologie s . Take n toge the r, t his  frame work fac ilita t e s  a  holis t ic  e xplora t ion 
of how AI int egra t ion and UI de s ign colle c t ive ly influe nce  cons ume r e ngage me nt  in  
digita l banking e cos ys t e ms . 
 
2.4 Empirical Studies on UI, AI, and Trust 
 
Empirical research consistently highlights the importance of user interface (UI) 
design in fintech adoption and consumer behaviour. Studies have found that specific 
design elements, such as the use of warm colors (e.g., blue and green) in UI design, 
can evoke trust, while overly complex designs and usability issues, including slow 
loading times and difficult navigation, deter engagement (Mavri and Ioannou, 2006; 
Chitrakar et al., 2024; Teplov, 2019). Furthermore, a range of studies confirms that 
dynamic and  personalized UI elements, such as gamification with reward systems 
and progress tracking, significantly increase user satisfaction and retention (Dillon 
and Williams, 2024; Cheng, 2025; Liu et al., 2024; Kreger, 2023; Runsewe et al., 
2024).  
 
A growing body of research also demonstrates the impact of AI features on 
consumer engagement. Empirical findings show that personalized AI 
recommendations enhance engagement, while a lack of transparency in AI decision -
making can reduce trust (Rohit et al ., 2025). Studies on perceived AI characteristics 
such as animacy and intelligence confirm that they can lead to increased user 
satisfaction and long -term usage intentions (Puneett Bhatnagr and Rajesh, 2024). 
Additionally, AI -driven tools like chatbots and  predictive analytics have been found 
to positively influence customer engagement by improving efficiency, providing 
personalized experiences, and enhancing security, all of which contribute to user 



trust and a willingness to engage (Hari et al., 2021; Koti, 2024; Pamisetty, 2025; Aziz 
and Andrians yah, 2023). 
 
The  cumula t ive  e vide nce  from the s e  s tudie s  s ugge s t s  t ha t  t rus t  is  e s t ablis he d 
through both e xplic it  s e curit y me as ure s  and the  implicit  a s s urance  conve ye d by a  
profe s s iona l and intuit ive  int e rface . This  re lat ions hip is  pa rt icula rly pronounced in  
digita l banking, whe re  us e rs  mus t  ba lance  conve nie nce  with ris k pe rce pt ion. De s pit e  
t he s e  individua l ins ight s , fe w s tudie s  have  e xamine d how UI and AI fe a ture s  int e rac t  
t o  s yne rgis t ically s hape  e ngage me nt  in  banking apps . This  s tudy aims  to  fill t ha t  gap 
by ana lyzing the ir combine d e ffe c t s . 
 
2.5 Research Gap 
 
The above reviewed empirical literature collectively demonstrates a clear positive 
relationship between well -designed UI/UX, the effective implementation of AI 
features, and various aspects of consumer engagement, satisfaction, and trust in 
digital banking . Studies have empirically validated the importance of UI aesthetics, 
usability, and user -centric design principles in driving user motivation and adoption. 
Similarly, the benefits of AI -powered personalisation, efficiency, and predictive 
capabilities in e nhancing customer experience and influencing continuance 
intention have been empirically established. Trust and security emerge as crucial 
mediating factors, with empirical evidence showing their direct influence on 
consumer commitment and engagement.  
However, a notable empirical gap exists in comprehensively understanding the 
combined correlational impact of specific UI design elements (e.g., colour palette, 
information density, gamification) and specific AI tool features (e.g., savings 
recommendations , fraud alerts, spending categorisation) on consumer 
engagement. While individual components have been studied, the integrated effect, 
particularly through a correlational lens that quantifies these relationships and 
explores their interplay, remains less explored in a single empirical study. This 
research aims to fill this gap by empirically investigating these combined effects, 
enriching the understanding of human -AI interaction in the financial sector and 
providing actionable insights for fintech product  development.  
 
Chapter 3: Methodology  
 
This study addresses a critical gap in understanding how User Interface (UI) design 
and Artificial Intelligence (AI) features jointly shape consumer engagement in digital 
banking applications. Although prior research has demonstrated that effective 



interfaces enhance satisfaction (Zhang et al., 2021) and that AI can deliver 
pe rs ona lis e d and e fficie nt  s e rvice s , t he  two dime ns ions  a re  oft e n t re a t e d in  
is ola t ion. This  fragme nte d approach ove rlooks  t he  fac t  t ha t  us e r e xpe rie nce  in  
banking apps  is  inhe re nt ly s haped by the  inte rplay be twe e n vis ua l de s ign, func t iona l 
t rans pare ncy, and t rus t  in  AI-drive n proce s se s . 

The  re s e a rch proble m, t he re fore , lie s  in  t he  abs e nce  of int e gra t e d e mpirical 
e vide nce  on how s pe c ific  UI e le me nt s  (s uch as  colour s che me s , layout  intuit ive ne s s , 
and gamifica t ion) and AI func t ionalit ie s  (us e fulne s s , pe rs ona lis a t ion, t rans pare ncy) 
combine  to  influe nce  t rus t  and s us t aine d e ngage me nt . This  is  pa rt icula rly pre s s ing 
in  financia l conte xt s  whe re  e ngage me nt  is  not  me re ly a  mat t e r of conve nie nce  but  a  
de t e rminant  of cons ume r confide nce  and loya lty. Exis t ing mode ls  of gamifica t ion 
(Hamari e t  a l., 2014), AI t rus t  fac tors  (Smith, 2023), and int e rface  ps ychology (Zhang 
e t  a l., 2021) highlight  t he s e  va riable s  individua lly but  s top s hort  of e xamining the ir 
cumula t ive  e ffe c t  in  high-s t ake s  digita l e nvironme nt s . 

Focus ing on the s e  unde re xplored int e rs e c t ions  is  e s s e nt ia l for two re as ons . Firs t , it  
re s ponds  direc t ly t o  s chola rly ca lls  for more  nuanced, corre la t iona l ana lys e s  t ha t  
move  be yond s iloe d pe rs pe c t ive s  of de s ign or t e chnology. Se cond, it  offe rs  prac t ical 
ins ight  for fint e ch de ve lope rs  t a s ke d with de s igning s ys t e ms  tha t  a re  not  only 
e ffic ie nt  but  als o t rus t e d and e ngaging. By pos it ioning UI and AI fe a ture s  as  
comple me nta ry de t e rminant s  of us e r e xpe rie nce , t his  re s e a rch jus t ifie s  it s  focus  as  
both t heore t ically ne ce s s a ry and prac t ica lly s ignificant . 

A s e lf-adminis t e re d online  que s t ionna ire  was  e mploye d as  t he  principal me thod of 
da t a  colle c t ion in  t his  s t udy. This  ins t rume nt  was  s e le c t e d as  t he  mos t  s uit able  
approach for s e ve ra l re as ons . Firs t , it  fac ilit at e d t he  e fficie nt  ga the ring of 
quant it a t ive  da t a  from a  ge ographica lly dis pe rs e d s ample , a  re quire me nt  t ha t  was  
pa rt icula rly import ant  for conduc t ing the  corre la t iona l ana lys is  unde rpinning the  
re s e a rch objec t ive s  (RQ1, RQ2). Se cond, t he  us e  of s t ruc ture d Like rt -s cale  it e ms  
e nable d the  s t andardized as s e s s me nt  of comple x cons t ruc t s  s uch as  pe rce ive d 
t rus t  and us abilit y, t he re by s upport ing the  rigorous  s t a t is t ical t e s t ing of t he  s tudy’s  
hypothe s e s  (H1, H2, H3). The  que s t ionna ire  was  ca re fully de s igne d to  ope ra t ionalis e  
t he  s tudy’s  ce nt ra l conce pt s  and obje c t ive s . Each s e c t ion was  s t ruc ture d 
s ys t e mat ica lly a round the  core  va riable s  ident ifie d in  t he  lit e ra ture  re vie w, name ly 
us e r int e rface  (UI) de s ign e le me nt s , a rt ific ial int e llige nce  (AI) fe a ture s , and 
cons ume r e ngage me nt  and t rus t , e ns uring tha t  t he  da t a  colle c t e d dire c t ly 
addre s s e d the  re s e a rch que s t ions  and hypothe s e s . 



Although the inherent limitations of self -re port e d da t a  we re  re cognis e d, inc luding 
the  pote nt ia l for s oc ia l de s irabilit y bias , s t e ps  we re  t ake n to  minimis e  t he s e  is s ue s . 
Anonymity was  as s ure d for all pa rt icipant s , and re ve rs e -code d it e ms  we re  
incorpora t ed to  e nhance  re s pons e  re liabilit y. Furthe rmore , t he  inc lus ion of ope n-
e nde d que s t ions  a longs ide  quant it a t ive  s ca le s  provide d an import ant  qua lit a t ive  
dime ns ion, capturing nuance d us e r pe rs pe ct ive s  and e nriching the  s t a t is t ical 
findings . This  mixe d-me thods  de s ign thus  offe re d a  ba lance  be twe e n ge ne ralis able  
quant it a t ive  ins ight s  and conte xtua lly rich qua lit a t ive  da t a , making it  a  
me thodologica lly s ound and pragmatic  choice  for t he  s cope  of the  pre s e nt  s tudy. 

 
3.1 Research Questions and Hypotheses  
3.1.1 Research Questions 

1. How do UI design elements (color palette, information density, gamification) 
influence consumer engagement in AI -powered banking apps?  

2. What is the relationship between AI -driven features (savings 
recommendations, fraud alerts, spending categorization) and user 
engagement?  

3. How do user perceptions of trust and usability mediate the impact of UI and AI 
features on engagement?  

 
3.1.2 Hypotheses 
 
 H1: Simplified UI designs (low information density, intuitive layouts) positively            
correlate with higher engagement.  
 
H2: AI features that enhance personalization (e.g., tailored savings tips) increase 
user engagement.  
 
H3: There is a significant positive relationship between UI design elements and AI 
features in AI -powered banking applications.  
 
3.2 Theoretical Framework  
 
The research design for this study was directly shaped by a theoretical framework 
that synthesizes concepts from information systems, psychology, and 
management. This led to an effective process of transforming abstract ideas into 
specific, measurable vari ables for the survey, ensuring the quantitative findings are 
firmly connected to scholarly discourse.  
 



These theoretical lenses provide a robust framework for understanding the complex 
re la t ions hips  be twe e n UI De s ign Ele me nt s , AI Tool Fe a ture s , and Cons ume r 
Engage me nt  in  AI-powe re d Banking Applica t ions .The  firs t  t hre e  bas ic  frame works  
t ha t  de t e rmine  an unde rs t anding of AI Fe a ture s  and UI De s ign Ele me nt s  and how 
the y influe nce  Cons ume r Engage me nt  a re : 
 
The  Te chnology Acceptance  Mode l (TAM) (Davis , 1989) s ugge s t s  t ha t  pe rce ive d 
us e fulne s s  and e as e  of us e  de t e rmine  us e r adopt ion of t e chnology. In  AI-powe re d 
banking, UI de s ign and AI func t ionalit ie s  may influe nce  the s e  pe rce pt ions  (Gha li, 
2021). 
 
The  Cognit ive  Load The ory int roduce d by Swe lle r, 1988  pos it s  t ha t  e xce s s ive  
informat ion de ns ity in  UI de s ign can ove rwhe lm us e rs , re duc ing e ngage me nt . This  
t he ory he lps  as s e s s  how de s ign s implic it y enhance s  us abilit y (Schwart z, 2004). 
 
Affordance  The ory by Norman in  t he  ye a r 1999  a rgue s  t ha t  UI e le me nt s  s hould 
intuit ive ly guide  us e r int e rac t ions . We ll-de s igne d a ffordance s  in  banking apps  may 
improve  e ngage me nt  by making AI fe a ture s  more  acce s s ible  (Te plov, Danii, 2019). 
 
Whe n s tudied in  de t a il, t he  t he ore t ica l frame work can be  furthe r e xamine d 
s pe c ifica lly into e ach va riable  and how e nhance me nt  of e ach va riable  has  be e n 
s upport e d and de ve lope d us ing a  fe w the ore t ica l unde rs t andings  and ide as .  
 
3.2.1 In relation to AI in banking apps   
 
The Resource -Based View (RBV) provides a fundamental understanding of AI's role in 
banking.  According to RBV, a company's distinctive and valued resources and 
competencies are the source of its long -term competitive advantage (Barney, 1991; 
Pamisetty, 202 5; Xu et al., 2024).  AI capabilities (such as advanced algorithms, data 
processing power, and predictive analytics) are essential assets in the context of AI -
powered banking because they allow banks to provide unique services, boost 
operational effectiven ess, and improve customer experience (Pamisetty, 2025; Xu 
et al., 2024).  Developing and utilising these resources to acquire and preserve 
market leadership is the ongoing process of AI's progress in banking (Koti, 2024).  
 
Another theory that can explain the enhancement and advancement of AI is the 
Diffusion Of Innovation Theory (DOI), introduced by Rogers in 1995. According to 
Rogers, this theory talks about how and on what rate new ideas and technologies 
travel through a p opulation through a social system (Wilkening, 1963). It focuses on 



how an idea, object or practice is perceived and communicated through various 
channe ls . The  adopt ion of AI-powe re d fe a ture s  s uch as  s avings  re comme nda t ions , 
fraud ale rt s , and s pe nding ca t e goris a t ion is  la rge ly influe nce d by cons ume rs ’ 
pe rce pt ions  of a t t ribut e s  inc luding re la t ive  advantage , compat ibilit y, comple xity, 
t ria labilit y, and obs e rvabilit y (Hari, Iye r and Sampat , 2021). In  t his  conte xt , banks , 
ac t ing as  ke y innova tors , a im to s upport  t he  diffus ion of t he s e  t e chnologie s  by 
de s igning fe a ture s  t ha t  a re  e as y to  unde rs tand and int egra t e  into individua ls ’ 
rout ine  financ ial be haviours . 
  
Se ve ra l ps ychologica l t heorie s  can s upport  and highlight  us e r int e rac t ions  with AI. 
Expe c t a t ion Confirmat ion The ory (ECT), originally propos e d by Olive r (1980), offe rs  a  
va luable  frame work for unde rs t anding the  adopt ion and cont inue d us e  of a rt ificia l 
int e llige nce  (AI) in  banking applica t ions  (Pins ki and Be nlian, 2024; Gha li, 2021). 
According to  ECT, us e r s a t is fac t ion and the  int e nt ion to  cont inue  us ing a  t e chnology 
a re  influe nce d by the  e xt e nt  t o  which and how the ir init ia l e xpe c t a t ions  a re  
confirme d through ac tual pe rformance . Whe n AI-drive n fe a ture s  within banking apps  
me e t  or e xce e d us e r e xpe c t a t ions , t he y t e nd to  fos t e r a  s e ns e  of s a t is fac t ion, which 
in  t urn e ncourage s  ongoing e ngage me nt  (Pune e t t  Bha tnagr and Ra je s h, 2024). This  
t he ory is  pa rt icula rly us e ful in  e xpla ining why us e rs  a re  like ly t o  re main commit t e d t o  
us ing AI-int egra t e d financ ial s e rvice s  and build  an init ia l t rus t  t owards  AI.  
 
In  addit ion to  e xpe c ta t ion confirmat ion, t he  concept  of Pe rce ive d 
Anthropomorphis m (PAI) plays  an import ant  role  in  s haping how us e rs  re la t e  t o  AI 
s ys t e ms . PAI re fe rs  t o  t he  t e nde ncy to  a t t ribut e  human-like  qualit ie s , e mot ions , or 
int e nt ions  t o  non-human e nt it ie s , inc luding AI t e chnologie s  (Urquiza -Haas  and 
Kot rs chal, 2015). Within t he  conte xt  of banking, AI fe a ture s  s uch as  conve rs a t iona l 
cha tbot s  or pe rs ona lis e d, e mpa the t ic  advice  can e voke  a  human-like  pre s e nce , 
pot e nt ially e nhanc ing us e r t rus t  and e mot iona l e ngage me nt  (Hari, Iye r and Sampat , 
2021). The  de gre e  t o  which us e rs  pe rce ive  AI as  anthropomorphic  can influe nce  the ir 
s e ns e  of t rus t , pa rt icula rly whe n int e rac t ing with AI for s e ns it ive  or comple x financ ial 
t a s ks . 
 
The  broade r unde rs t anding of us e r acce ptance  and s us t aine d int e rac t ion with AI 
t e chnologie s  can als o be  informe d by re la t ed cons t ruc t s  from both ECT and the  
Te chnology Acce ptance  Mode l (TAM). Conce pt s  s uch as  Confirmat ion, Pe rce ive d 
Us e fulne s s  (PU), E-Sa t is fac t ion, and Cont inuance  Int e nt ion a re  pa rt icula rly re le vant  
in  t his  re gard. Pe rce ive d Us e fulne s s , a s  de fine d by (Davis , 1989), re fe rs  t o  t he  e xt e nt  
t o  which a  us e r be lie ve s  t ha t  a  give n t e chnology will e nhance  the ir pe rformance . In  
t he  conte xt  of AI-e nable d banking, us e rs  a re  more  inc line d to  adopt  and cont inue  



using features they perceive as beneficial, such as those that save time, provide 
ins ight s , or s t re amline  financ ia l manage me nt (Pune e t t  Bha tnagr and Raje s h, 2024). 
He nce , building a  be lie f t ha t  t he ir banking e xpe rie nce  can be  made  acce s s ible , 
e ffic ie nt  and e ffe c t ive  t hrough the  int e gra t ion of AI while  a ls o knowing tha t  the ir 
da t a  is  ke pt  s e cure  and the y a re  only pre s e nte d with informat ion tha t  is  re le vant  to  
t he ir financ ia l rout ine .  
 
E-Sa t is fac t ion, or t he  us e r’s  ove ra ll s a t is fac t ion with the  AI, e nhanc ing banking 
e xpe rie nce , is  a  c rit ica l de t e rminant  of cont inuance  int e nt ion, t he  like lihood of 
s us t a ine d us age  ove r t ime  (Ayomipos i Fe yis e ke mi Akinwale , 2022; Gha li, 2021). Whe n 
us e rs  e xpe rie nce  a  pos it ive  int e rac t ion with AI t ools , it  re inforce s  t he ir willingne s s  t o  
maint a in long-t e rm e ngage me nt  with t he  applica t ion, t hrough a  s e ns e  of loya lty t ha t  
t he y build  ove r t ime  and e xpe rie nce , which s t re amline s  we ll into t he  aims  and 
obje c t ive s  of mos t  fint e ch companie s .  
 
Las t ly, while  not  a  be havioura l frame work, t he  The ory of Ne ura l Ne tworks  unde rpins  
t he  func t iona lit y of many AI fe a ture s  within banking pla t forms . The s e  s ys t e ms  re ly 
on comple x a lgorit hms  tha t  mimic  cognit ive  le a rning proce s s e s  found in  t he  human 
bra in, e nabling the  AI t o  adapt , le a rn from dat a , and de live r pe rs ona lis e d s e rvice s  
(None  Olawale  Olowu e t  a l., 2024; Pamis e t ty, 2025). Acknowle dging this  t e chnica l 
founda t ion can he lp conte xtua lis e  t he  pe rce ive d int e llige nce  of AI by us e rs  and 
illumina t e  how s uch s ys t e ms  a re  able  t o  de live r t a ilore d re comme nda t ions , de t e c t  
fraudule nt  ac t ivit y, and as s is t  with s pe nding ca t e goris a t ion, all of which can dire c t ly 
influe nce  Cons ume r e ngage me nt  and t rus t . 
 
Although the  pre s e nt  s tudy conce nt ra t e s  on the  Cons ume r pe rs pe c t ive  and  
dime ns ions  of a rt ific ia l int e llige nce  (AI) in  banking applica t ions , t he  t he ore t ica l 
frame work re cognis e s  t ha t  t he  ove ra ll e ffe ct ive ne s s  of t he s e  fe a ture s  is  
fundame ntally de pe nde nt  on the ir t e chnical imple me nta t ion. Core  t e chnologie s  
s uch as  machine  le a rning algorit hms , na tural language  proce s s ing (NLP) for cha tbot  
int e rac t ions , and pre dic t ive  ana lyt ic s  for de live ring pe rs onalis e d re comme nda t ions  
and de t e c t ing fraudule nt  ac t ivit y form the  backbone  of AI func t iona lit y (None  
Olawale  Olowu e t  a l., 2024; Pamis e t ty, 2025). The s e  t e chnica l compone nt s  e nable  
t he  s e amle s s  and int e llige nt  us e r e xpe rie nce s  t ha t  drive  adopt ion and cont inued 
e ngage me nt . 
 
3.2.2 In relation to UI Design Elements in banking apps  
 



As understood above that AI features are theorised to enhance user engagement, 
t he  us e r int e rface  func t ions  as  t he  primary channe l through which this  int e rac t ion is  
re a lis e d. Accordingly, t his  s e c t ion e xamine s  t he  t he ore t ical founda t ions  of UI de s ign. 
Within this  s e c t ion, UI de s ign re pre s e nt s  t he  s e cond core  pilla r of t he  frame work, 
illus t ra t ing how de s ign de c is ions  can e it he r promote  s e amle s s  e ngage me nt  with AI 
t ools  or int roduce  ba rrie rs  t ha t  diminis h the ir pe rce ive d va lue . 
 
The  e volut ion of UI de s ign in  banking has  move d from func t iona l ne ce s s it y t o  a  
s t ra t e gic  impe ra t ive  for us e r e ngage me nt  and compe t it ive  diffe re nt ia t ion (Kre ge r, 
2023; Pane ru e t  a l., 2024). Early online  banking int e rface s  we re  oft e n c lunky and 
comple x (Mavri and Ioannou, 2006), but  with advance me nt s  in  t e chnology and a  
gre a t e r focus  on us e r-ce nt ric  de s ign, UIs  have  be come  more  intuit ive  and 
ae s the t ica lly ple as ing (Chit rakar e t  a l., 2024; Te plov, Danii, 2019). The  e nhance me nt  
of UI in  banking apps  is  drive n by the  de s ire  t o  improve  us abilit y, acce s s ibilit y, and 
ove ra ll us e r e xpe rie nce . This  involve s  adopt ing us e r-ce nt ric  de s ign princ iple s , 
it e ra t ive  t e s t ing, and incorpora t ing mode rn de s ign t re nds  to  c re a t e  e ngaging and 
e ffic ie nt  int e rface s . Ge ne ra t ive  AI is  a ls o playing a  role  in  automat ing and 
augme nt ing UI de s ign workflows  (None  Olawale  Olowu e t  a l., 2024). 
 
To achie ve  the  above  a ims  and obje c t ive s  of t he  imple me nta t ion of UI de s ign 
e le me nt s , an unde rs t anding of a  t he ore t ica l frame work is  ve ry import ant  t o  e volve  
t he  e le me nt s  according to  t he  us e r e xpe c t at ions  and to  build  us e r e ngage me nt .  
 
Ins t it ut ional The ory (DiMaggio and Powe ll, 1983) provide s  a  us e ful le ns  for 
unde rs t anding why financ ial ins t itut ions  adopt  advance d us e r int e rface  (UI) and 
us e r e xpe rie nce  (UX) prac t ice s . Be yond improving ope ra t iona l e fficie ncy, 
organis a t ions  oft e n imple me nt  s uch de s ign s t andards  t o  ga in le git imacy and a lign 
with e volving indus t ry norms .  
As  us e r-ce nt ric  de s ign be come s  inc re as ingly ce nt ra l t o  t he  fint e ch lands cape , banks  
a re  compe lle d to  int egra t e  s ophis t ica t ed UI fe a ture s  t o  appe ar mode rn, compe t it ive , 
and t rus tworthy in t he  e ye s  of cons ume rs . Comple me nt ing this  ins t itut iona l 
pe rs pe c t ive  is  t he  conce pt  of me nta l mode ls  (De dre  Ge ntne r, Albe rt  L. St e ve ns , 
2014)), which plays  a  founda t iona l role  in  e ffe c t ive  UI de s ign. 
 Us e rs  de ve lop int e rna l re pre s e nta t ions  of how s ys t e ms  s hould func t ion bas e d on 
the ir pas t  e xpe rie nce s , and aligning int e rface s  with t he s e  me nta l mode ls  e nhance s  
intuit ive ne s s , re duce s  cognit ive  load, and fac ilita t e s  e as e  of us e  (Chit rakar e t  al., 
2024).  
 



Gestalt psychology further informs UI design by offering principles that guide visual 
organis a t ion and us e r a t t e nt ion. Te chniques  s uch as  proximity, s imila rit y, cont inuity, 
and clos ure  he lp c re a t e  int e rface s  t ha t  a re  cohe re nt  and e as y to  naviga t e , 
pa rt icula rly import ant  in  managing the  oft e n comple x informat ion a rchit e c ture  of 
banking applica t ions  (Chit rakar e t  al., 2024). 
 
Cognit ive  proce s s ing e ffic ie ncy is  a ls o addre s s e d through Hick’s  Law (Hick, 1952), 
which pos it s  t ha t  dec is ion-making t ime  inc re as e s  with t he  numbe r of ava ilable  
opt ions . For financ ia l applica t ions , t his  implie s  t ha t  limit ing or logica lly organis ing 
choice s  can s ignificant ly e nhance  us abilit y and us e r s a t is fac t ion.  
 
The  Paradox of Choice  (Schwart z, 2004) builds  on this  by s ugge s t ing tha t  while  
offe ring opt ions  is  ge ne ra lly be ne ficia l, an ove rabundance  can le ad to  anxie ty, 
de c is ion fa t igue , and e ve ntua l dis e ngage ment . Thus , s t riking the  right  ba lance  in  
fe a ture  ava ilabilit y and int e rface  s implicit y is  e s s e nt ia l. 
 
 Jakob’s  Law unde rs core s  t he  import ance  of de s ign cons is t e ncy, not ing tha t  us e rs  
draw e xpe c t a t ions  from othe r fre que nt ly use d digit a l pla t forms  (Yablons ki, 2024). In  
t he  conte xt  of banking, cons is t e nt  naviga t ion s t ruc ture s , iconography, and 
int e rac t ion pa t t e rns  not  only re duce  the  le a rning curve  but  als o fos t e r t rus t  and a  
s e ns e  of familia rit y (Kre ge r, 2023). 
 
Las t ly, t he  E-S-QUAL mode l (Lin, 2025) offe rs  a  compre he ns ive  frame work for 
e va lua t ing the  qualit y of e le c t ronic  s e rvice s , inc luding mobile  banking applica t ions . 
The  mode l focus e s  on ke y dime ns ions  s uch as  s ys t e m e ffic ie ncy, ava ilabilit y, 
fulfilme nt , and privacy, a ll of which a re  de e ply influe nce d by UI de s ign choice s  (Lin, 
2025). Whe n thought fully imple me nte d, t he s e  e le me nt s  can s ignificant ly e nhance  
us e r s a t is fac t ion, t rus t , and cont inue d e ngage me nt  with digit a l financ ial pla t forms . 
 
3.2.3 In relation to Consumer Engagement and Trust in banking apps  
 
Consumer responses to artificial intelligence (AI) in banking are shaped by both 
cognitive and perceptual factors, as explained above. Expectation Confirmation 
Theory (ECT) posits that user satisfaction and continued engagement are 
influenced by the extent  to which initial expectations regarding AI performance are 
met or exceeded, while Perceived Anthropomorphism (PAI) highlights the role of 
human -like attributes in shaping user interaction with AI systems (Kartikey Koti, 
2024). The strategic implementation  of AI in banking aims to enhance customer 



experience, increase operational efficiency, and deliver personalised financial 
s olut ions .  
 
Clos e ly re la t e d t o  this  is  t he  role  of us e r int e rface  (UI) de s ign, which s ignificant ly 
impac t s  cons ume r t rus t . A s e cure , priva t e , and us e r-frie ndly int e rface  not  only 
fac ilit a t e s  us abilit y but  a ls o re inforce s  pe rce pt ions  of ins t it ut iona l re liabilit y and 
s a fe ty (Cas a ló, Luis  V. ; Flavián, Carlos  ; Guina líu , Migue l , 2024). Whe n us e rs  
pe rce ive  t he  UI as  we ll-de s igne d and t rus tworthy, t he ir confidence  in  the  banking 
applica t ion and, by e xt e ns ion, t he  financ ial ins t it ut ion s t re ngthe ns , fos t e ring de e pe r 
e ngage me nt  and long-t e rm us e  (Kumaras inghe , 2024; Kre ge r, 2023). 
 
3.2.4 Influence of use and framework of AI Features and UI Design Elements on 
Consumer Engagement and Trust  
 
The implementation of artificial intelligence (AI) in banking primarily aims to 
streamline operational processes, enhance security, and deliver hyper -personalised 
financial services (None Olawale Olowu et al., 2024; Pamisetty, 2025). Key drivers 
behind thi s adoption include fraud prevention, effective risk management, 
automated customer support, and the provision of tailored financial advice; each of 
these contributes to improved customer satisfaction and long -term loyalty (Kartikey 
Koti, 2024).  
 
Parallel to AI integration, the development of sophisticated user interfaces (UI) 
serves as a strategic tool to foster user engagement, cultivate trust, and establish 
competitive differentiation within the fintech sector (Kreger, 2023). These efforts 
are guided by User-Centred Design (UCD) frameworks, which emphasise the active 
involvement of end users throughout the design process. By prioritising user needs, 
expectations, and feedback, UCD methodologies help ensure that the final product 
delivers both fun ctional value and a positive user experience (Liu et al., 2024; Teplov, 
Danii, 2019). 
 
A central focus of artificial intelligence (AI) in banking is also the ability to 
understand and predict user behaviour patterns in order to meet and exceed 
customer expectations. This is achieved through the deployment of hyper -
personalised rewards and be nefits programmes, as well as adaptive interfaces that 
respond to real -time user data to optimise engagement (Bach et al., 2022; Liu et al., 
2024).  
 



The overarching aim is to enhance user experiences by providing convenience, 
e ffic ie ncy, and conte xtua lly re le vant  financ ia l guidance  (Me ne ze s , Kavyas hre e  K and 
Na ik, 2024). Although the  t e chnical imple menta t ion of us e r int e rface s  (UI) is  not  the  
primary focus  of t his  s t udy, it s  role  re mains  c rit ica l. Effe c t ive  UI de live ry re lie s  on 
robus t  front -e nd de ve lopme nt , re s pons ive  de s ign princ iple s  t ha t  e ns ure  us abilit y 
ac ros s  de vice s , and s e amle s s  int e gra t ion with backend s ys t e ms  tha t  s upport  AI 
func t ionalit y. The s e  t e chnical founda t ions  are  e s s e nt ia l for ma int aining the  
cont inuity and qua lit y of t he  us e r e xpe rie nce  (Chit rakar e t  a l., 2024). 
 
3.2.5 The framework for Consumer Engagement and Trust  
 
This study integrates a range of theoretical perspectives to construct a 
comprehensive framework for analysing consumer engagement within AI -powered 
banking applications. The independent variables, specifically UI Design Elements and 
AI Feature functionali ties, are conceptualised as stimuli that influence user 
perceptions and behaviours. Theories such as Expectation Confirmation Theory, 
Perceived Anthropomorphism, Mental Models, Gestalt Psychology, Hick’s Law, the 
Paradox of Choice, and Jakob’s Law are employed to explain the cognitive and 
emotional processes through which users interpret these stimuli.  
 
This internal processing corresponds to the "organism" component within the 
Stimulus -Organism-Response model, (Mavri and Ioannou, 2006), and leads to key 
outcomes including perceived usefulness, satisfaction, and trust. These outcomes 
subsequently inform t he dependent variable of consumer engagement, which is 
operationalised through measures such as continuance intention, session 
frequency, feature adoption, and duration of use.  
 
In addition, the Resource -Based View and Diffusion of Innovations theories provide a 
strategic and contextual foundation, offering insights into the organisational 
motivations for adopting and implementing these technological innovations within 
the banking  sector. By integrating cognitive, behavioural, and strategic dimensions, 
this framework supports a holistic examination of how the design of the user 
interface and the intelligence of AI features collectively shape the user experience 
and influence sustai ned interaction with digital banking platforms.  
 
In conclusion, the theoretical framework in this study functioned as more than an 
academic backdrop. It provided the foundation for designing a research instrument 
that was both conceptually rigorous and practically applicable. Each theory directly 
informe d the questionnaire’s structure and content as well as the process of 



analysis to attain the aims and objectives of the stufy. For example, Hick’s Law and 
t he  Paradox of Choice  guide d the  de ve lopme nt  of que s t ions  on informat ion de ns ity, 
while  Ge s t a lt  princ iple s  and Jakob’s  Law s hape d it e ms  as s e s s ing vis ua l de s ign and 
naviga t ion. To capture  pe rce pt ions  of AI, t he  Te chnology Acce ptance  Mode l (TAM) 
and Expec t a t ion-Confirmat ion The ory (ECT) we re  us e d to  frame  it e ms  on pe rce ive d 
us e fulne s s  and s a t is fac t ion, comple me nte d by Pe rce ive d Anthropomorphis m to 
e xplore  us e r comfort . The  Re s ource -Bas e d Vie w furthe r jus t ifie d t he  focus  on the s e  
fe a ture s  as  pot e nt ia l s ource s  of compe t it ive  advantage . This  int e nt iona l int e gra t ion 
of t he ory into s urve y de s ign e ns ure d tha t  both t he  Like rt -s cale  me as ure s  and 
qua lit a t ive  prompt s  e ffe c t ive ly ope ra t ionalise d the  core  conce pt s , t he re by 
e nhancing the  va lidit y of t he  s tudy’s  findings . 
 
3.3 Research Strategy  
 
This study adopts a mixed -methods approach to examine the relationship between 
UI design elements, AI features, and consumer engagement. The choice of this 
design was intentional and explicitly influenced by the theoretical framework 
outlined in Chapter 3. 2. The initial quantitative phase was structured to test 
hypotheses grounded in established theories. Through the questionnaire, key 
principles from the Technology Acceptance Model (TAM) and Perceived 
Anthropomorphism were operationalised into measurable v ariables, enabling 
statistical analysis of the relationships between UI design, AI features, and 
engagement.  
The subsequent qualitative phase added depth by capturing the in -depth 
perceptions and contextual insights of users. Analysis of open -ended responses 
provided critical understanding of trust and usability which are also the key concepts 
as highlighted in t he study’s theoretical framework. This sequential design, 
beginning with a broad quantitative assessment and progressing to a focused 
qualitative analysis, ensured a comprehensive investigation. It combined the rigour 
of statistical analysis with the richn ess of lived experiences, thereby offering a more 
holistic understanding of the research problem and gap.  
 
3.4 Sampling  
 
According to the requirements of the study, the target audience consisted of the 
individuals who actively used online banking apps. The sample of the study 
consisted of 110 individuals and the age range from 18 -70. Online data collection 
methods were used to approach these participants, via social media. The sampling 
method used was convenient sampling which is a non -probability sampling method.  



 
3.4.1 Inclusion criteria:  

- Those who actively engage with AI -powered banking tools  
- Those who are above the age of 18  
- Those who have used the app for at least 3 months  

 
3.4.2 Exclusion criteria:  

- Those who do not actively engage with AI -powered banking tools  
- Those who are below the age of 18  
- Those who have used the app for less than 3 months  

 
 
3.5 Procedure  
  
After the proposal was approved by the Ethics committee of the University of Stirling 
and appointed supervisor, individuals were approached for data collection. The 
collection of data was done keeping in mind the demographic details of the 
participants and  the inclusion criteria of the research. Data was collected through an 
online questionnaire, via google forms. The survey was sent to the participants 
through social media and Whatsapp.  
Upon completion of the data collection, the gathered data was compiled on an Excel 
sheet and was saved in a password -protected laptop which was only accessible by 
the researcher, to adhere to the confidentiality policies. The data was further 
analysed usin g Jamovi software for descriptive and inferential statistics (Jamovi, 
2022). Each participant was asked to give their informed consent to participate in 
the research. Upon completion of the study, the data will be stored for five years on 
University OneDri ve, for publication purposes.  
 
3.6 Ethical considerations  
 
3.6.1 Informed Consent  
 
          Before data collection, researchers will get participants' informed permission by 
outlining the study's objectives, methods, potential risks, and advantages. This way 
the participants will have a clear understanding of what their contribution wil l entail 
and have the right to withdraw at any time.  
 
3.6.2 Confidentiality and Anonymity  
 



           Part ic ipant s  will be  provide d with guarant e e s  t ha t  t he ir ide nt it ie s  will be  kept  
s e c re t  and tha t  no one  out s ide  the  s upe rvis ing commit t e e  and the  re s e a rche r  will 
have  acce s s  t o  t he ir da ta . Pe rs onal and de lica t e  informat ion will be  handle d with t he  
highe s t  dis c re t ion and anonymity. It  s ha ll be  e ns ure d tha t  a ll informat ion ga the re d is  
ke pt  s a fe  and tha t  only t he  re s e a rche r has  acce s s  t o . 
 
3.6.3 Voluntary Participation  
 
          Participants will be free to decide whether or not to take part in the study, and 
they won't be subjected to any compulsion or pressure. They are free to reject 
participation without incurring any consequences and to leave the research at any 
tim e. 
 
3.7 Measures 
 
Data was collected using a self -administered online survey with the help of 5 point 
Likert scale, designed in such a way that it captures both Quantitative perceptions 
and Qualitative experiences. The survey sections was designed in a way that it 
targets t he UI Design Elements and AI Features ( Independent Variables) and 
Consumer Engagement and Trust (Dependent Variable).  
 
3.7.1 UI Design Elements (IV 1): This variable assessed participants' perceptions of 
the user interface's visual and interactive design, including the effectiveness of the 
color palette, the clarity and organization of information density, and the influence of 
gamification elements. It wa s measured using a multi -item scale and reverse coding, 
comprising 10 questions, each rated on a 5 -point Likert scale ranging from 1 
('Strongly Disagree') to 5 ('Strongly Agree') or vice versa under  reverse coding. The 
sum scores for this variable ranged from 14 to 50.  
 
3.7.2 AI Features (IV 2): This variable evaluated participants' perceptions and usage 
of AI-driven features in banking applications, focusing on key functionalities such as 
savings recommendations, fraud alerts, and spending categorization. The construct 
was measured using a 5 -item  scale with reverse -coded items, each rated on a 5 -
point Likert scale (1 = 'Strongly Disagree' to 5 = 'Strongly Agree' or vice versa for 
reverse coding). Total scores for this variable ranged from 9 to 25.  
 



3.7.3 Consumer Engagement and Trust (DV): This  va riable  me as ure d pa rt ic ipant s ' 
ove ra ll e ngage me nt  with and t rus t  in  AI-powe re d banking applica t ions , capturing 
dime ns ions  s uch as  us age  freque ncy, fe a ture  adopt ion, pe rce ive d ut ilit y, 
s a t is fac t ion le ve ls , and confide nce  in  t he  AI s ys t e m's  re liabilit y and s e curit y. The  
cons t ruc t  was  as s e s s e d us ing a  5-it e m Like rt  s ca le  (1 =  "St rongly Dis agre e " t o  5 =  
"St rongly Agre e "), with t ota l s core s  ranging from 13 to  35. 
 
3.8 Data Analysis  
 
The data was converted into an excel sheet after collection. The relationship 
between variables, UI Design Elements, AI Features and Consumer Engagement and 
Trust was analysed using Jamovi. Correlation and Regression analysis were 
conducted after the colle ction data to analyse if there is a significant relationship 
between the variables. Descriptive and Inferential statistics were also used to 
assess the data collected in the Excel Sheet. The result has been discussed in the 
research paper.  
 
Collected data was organised and analysed using Jamovi. Descriptive statistics 
along with the Shapiro -Wilk test of normality was used. Following this analysis, non -
parametric statistical analysis like Spearman’s correlation and Linear Regression 
analysis were adopted. Stepwise regression analysis was employed to test if the 
Independent variables, UI Design Elements and AI Features are a possible predictor 
of Consumer Engagement and Trust (Dependent Variable). Additionally, Collinearity 
statistics was adopte d to assess the variance and independence level of the UI 
Design Elements and AI Features. Visual presentation of Q -Q plots of standardised 
residuals to assess the normality of error terms and the influence on the Consumer 
Engagement and Trust (Dependent V ariable).  
 
3.8.1 Qualitative Data Analysis  
 
A thematic system approach was used to analyse the responses from the open -
ended questions from the questionnaire. This involved repeated reading of all 
qualitative responses in order to gain an overall understanding and familiarisation. 
The data was then coded, to identify initial patterns and ideas within the data and 
assign preliminary codes. Which was followed by generating themes and 
categorising codes into broader aspects of participant’s experiences and ideas. The 
emergent themes were reviewed and re fined to verify their alignment with the 
dataset and relevance to the research objectives. Through this process, each theme 



was precisely delineated and assigned a clear, descriptive label to capture the 
part icipant ’s  pe rce pt ions  and e xpe rie nce s .  
Chapter 4: Case study: Based on the annual statement of Wise (2024)  
 
To contextualise the theoretical discussions on UI design elements, AI -driven 
features, and consumer engagement, this section provides a brief case study of 
Wise, a prominent digital banking application, drawing insights from its 2024 annual 
report. Wise, an established global business, aims to achieve "Money Without 
Borders" by offering fast, low -cost, and transparent international money transfer 
services, simplifying cross -border transactions for millions (Wise, 2024, p. 2 -5). Their 
approach is inherently  customer -centric, focusing on building products and features 
that make moving and managing money across borders easier, faster, more 
transparent, and cost -effective for everyone (Wise, 2024, p. 7).  
 
Wise's interface is meticulously crafted to reflect its core principles: speed, 
transparency, ease of use, and affordability (Wise, 2024, p. 7). The design is clean, 
uncluttered, and intuitive, making complex international money transfers feel simple 
rathe r than overwhelming. For example, Wise explicitly states it’s “upfront about 
what our customers pay. No asterisks, small print or hidden fees” (Wise, 2024, p. 15), 
directly addressing a common frustration users experience with hidden charges in 
traditional  banking. This transparent approach to information presentation aligns 
with the principles of Hick's Law and the Paradox of Choice, as it reduces cognitive 
load by presenting clear, concise information, thereby improving decision -making 
efficiency. The unc luttered nature of the interface also reflects principles of Gestalt 
Psychology, where visual simplicity and clear grouping of information enhance user 
comprehension and attention.  
 
While Wise does not explicitly feature traditional gamification elements like points or 
badges, its emphasis on "speed" and "instant" transfers (62% of transfers arrive in 
less than 20 seconds, Wise, 2024, p. 14) can create a subtle sense of achievement 
and efficiency for users. This rapid gratification functions as a form of intrinsic 
reward, subtly influencing user engagement and satisfaction, akin to the positive 
reinforcement sought in gamified experiences.  
 
The information presented on the app is highly specific and user -relevant, 
demonstrating an optimal approach to information flow and reducing cognitive load. 
Their upfront approach to easy and quick transactions exemplifies effective 
information density, e nsuring users are not overwhelmed but rather guided 
efficiently through their tasks. When it comes to their design aesthetics, the 



graphics are a combination of blue, white, and greys. This simplicity of a colour 
pa le t t e  make s  t he  func t ioning of t he  app visua lly appe a ling and unc lut t e re d, 
e ncouraging the  us e r's  a t t e nt ion to  c rit ica l informat ion, re inforc ing a  s e ns e  of t rus t  
and profe s s iona lis m (Wis e , 2024, p. 7). This  vis ua l cons is t e ncy and c la rit y a ls o align 
with Jakob's  Law, as  us e rs  familia r with c le an, mode rn int e rface s  will find Wis e 's  
de s ign intuit ive  and t rus tworthy. 
 
Ove ra ll, t he  de s ign e le me nt s  of Wis e  colle c t ive ly proje c t  re liabilit y, commitme nt , and 
t rans pare ncy to  it s  us e rs , which dire c t ly impac t s  t he ir e ngage me nt  globa lly, a s  
e vide nce d in  the  re port . This  de mons t ra t e s  how e ffe c t ive  UI de s ign, informe d by 
ps ychologica l princ iple s , cont ribut e s  t o  pos it ive  cons ume r re s pons e s  and s us t a ine d 
us age . 
 
Wis e  a ls o e xt e ns ive ly le ve rage s  machine  le arning and AI t ools  within it s  
infras t ruc ture  t o  e nhance  e ffic ie ncy, s e curity, and cus tome r e xpe rie nce . The  
company e mploys  a  "proprie t a ry machine  lea rning approach to  fight ing financia l 
c rime " (Wis e , 2024, p . 18), proce s s ing ove r a  million docume nt s  a  month with t his  
t e chnology. This  cont inuous  inve s tme nt  e ns ure s  robus t  fraud de t e c t ion and 
compliance , which is  vit a l for ma inta ining us e r t rus t  in  financ ia l t rans ac t ions  (Wis e , 
2024, p. 17, 69 ). This  applica t ion of AI dire c t ly s upport s  t he  Re s ource -Bas e d Vie w, as  
advance d fraud de t e c t ion capabilit ie s  be come  a  va luable , inimit able  re s ource  for 
Wis e , e nhanc ing it s  compe t it ive  pos it ion. 
 
The  company ac t ive ly inve s t s  in  AI to  "automate  manua l proce s s e s  and provide  a  
be t t e r e nd-to-e nd cus tome r e xpe rie nce " (Wis e , 2024, p . 17). This  automat ion 
cont ribut e s  t o  t he  pe rce ive d "e as e " and "s pe e d" of t he  s e rvice , dire c t ly impac t ing 
us e r s a t is fac t ion. This  a ligns  with Pe rce ive d Us e fulne s s  (PU) and Expe c t a t ion 
Confirmat ion The ory (ECT), a s  t he  AI fe a ture s  de live r t angible  be ne fit s  t ha t  me e t  or 
e xce e d us e r e xpe c t a t ions  for e ffic iency. 
 
In  t e rms  of ris k manage me nt  and fraud pre ve nt ion, Wis e  e mploys  a  t hre e -line  
de fe nce  mode l, whe re in ope ra t iona l t e ams  manage  day-to-day ris ks , audit  t e ams  
ove rs e e  cont rols , and compliance  func t ions  provide  ove rs ight  (Wis e , 2024, p. 69 ). 
The y us e  advance d AI t ools  for fraud de t e c t ion and conduc t  s t re s s  le ve l t e s t s  (like  
s imula t ing re ce s s ions  or cybe ra t t acks ) t o  confirm the  company’s  viabilit y for a t  le as t  
t hre e  ye a rs  (Wis e , 2024, p . 69 ). This  robus t  int e gra t ion of AI for s e curit y and 
ope ra t iona l re s ilie nce  dire c t ly cont ribut e s  t o  us e r t rus t , a  c rit ica l ant e ce de nt  t o  
e ngage me nt , a s  us e rs  fe e l more  s e cure  e nt rus t ing the ir finance s  t o  a  
t e chnologically advance d and s e cure  pla t form. 



 
Wis e 's  s t ra t e gic  int e gra t ion of intuit ive  UI des ign and advance d AI fe a ture s  dire c t ly 
t rans la t e s  into s t rong cons ume r e ngage me nt  me t ric s . The  company re port e d a  29% 
inc re as e  in  ac t ive  cus tome rs , re aching 12.8 million in  FY2024, with ove r 3 million ne w 
cus tome rs  joining during the  ye a r (Wis e , 2024, p . 4 , 21). A s ignificant  proport ion of 
cus tome rs , ne a rly ha lf of pe rs ona l us e rs  and 60% of bus ine s s  us e rs , have  adopte d 
the  Wis e  Account , indica t ing high fe a ture  adopt ion (Wis e , 2024, p . 5, 37). The s e  
figure s  e mpirica lly de mons t ra t e  t he  pos it ive  corre la t ion be twe e n we ll-imple me nte d 
UI and AI fe a ture s  and high le ve ls  of cons ume r e ngage me nt , inc luding s e s s ion 
fre que ncy and fe a ture  adopt ion, re inforc ing the  t he ore t ical links  t o  Cont inuance  
Int e nt ion and E-Sa t is fac t ion. 
 
In  e xamining the  broade r e mpirica l lands cape  of AI-e nhanced UX/UI de s ign within 
t he  banking s e c tor, re ce nt  e vide nce  furthe r unde rs core s  t he  s ubs t ant ia l influe nce  
of AI on us e r e ngage me nt  me t ric s . A s tudy highlight s  t ha t  an impre s s ive  78% of 
fint e ch companie s  have  int e gra t ed AI-drive n UX/UI s olut ions , le ading to  a  not able  
inc re as e  in  cons ume r int e rac t ion, with a  re markable  41% ris e  in  daily ac t ive  us e rs  due  
to  advanced AI fe a ture s  (Xu e t  a l., 2024). The s e  findings  s ugge s t  t ha t  AI not  only 
e nriche s  t he  ae s the t ic  and func t iona l a s pe ct s  of us e r int e rface s  but  a ls o plays  a  
c ruc ia l role  in  ac t ive ly e ngaging us e rs  by me e t ing the ir e volving pre fe re nce s  and 
e xpe c t a t ions . Banks  t ha t  e ffe c t ive ly incorpora t e  AI func t iona lit ie s  like  pre dic t ive  
ana lyt ic s  and conve rs a t iona l int e rface s  into t he ir UI de s ign can build  more  intuit ive  
and re s pons ive  applica t ions , which a lign with cons ume r de mands  for pe rs ona lis e d 
and fric t ionle s s  e xpe rie nce s . By le ve raging the s e  AI capabilit ie s , financia l 
ins t it ut ions  can s t re ngthe n the ir compe t it ive  s t ance  in  t he  fint e ch lands cape , 
fos t e ring de e pe r cons ume r t rus t  and loya lty. 
 
 
 
 
 
Chapter 5: Research Findings and Discussions  
 
Descriptive statistics (Table 1 below) indicates that the mean score and standard 
deviation of the variables, UI Design Elements (M= 35.4, SD= 5.41), AI Features (M= 
15.4, SD= 2.83), and Consumer Engagement and Trust (M= 24.8, SD= 3.92). The 
Shapiro-Wilk test suggests that the variables, UI Design Elements ((W = <.001, p = 
0.927), AI Features (W = 0.965, p = 0.005) and Consumer Engagement and Trust (W 
= 0.970, p = 0.014) are not normally distributed.  



 
The  da t a  be ing not  normally dis t ribut e d, Spearman’s  corre la t ion ana lys is  was  ca rrie d 
out  (Table  2 be low) to  ide nt ify t he  re la t ionship be twe e n the  va riable s . Re s ult s  
indica t e  a  mode ra t e ly pos it ive  re la t ions hip be twe e n UI De s ign Ele me nt s , AI Fe a ture s  
and Cons ume r Engage me nt  and Trus t . The re  is  a  s ignificant ly mode ra t e  pos it ive  
re la t ions hip be twe e n UI De s ign Ele me nt s  and AI Fe a ture s  (r=  0.416 , p<.001). The re  is  
a  s ignificant ly mode ra t e  pos it ive  re la t ions hip be twe e n UI De s ign Ele me nt s  and 
Cons ume r Engage me nt  and Trus t  (r=  0 .311, p<.001). The re  is  a  s ignificant ly 
mode ra t e  pos it ive  re la t ions hip be twe e n AI Fe a ture s  and Cons ume r Engage me nt  and 
Trus t  (r=  0 .469 , p<.001). 
 
Line ar re gre s s ion analys is  (Table  3 be low) de mons t ra t e s  t ha t  t he re  is  a  s ignificant  
int e rce pt  be twe e n UI De s ign Ele me nt s  and AI Fe a ture s  and the re fore  influe nce s  
Cons ume r Engage me nt  and Trus t  (β=  13.1724, t=  5.79 , p<.001). The  F va lue  de rive d is  
s ignificant ly highe r t han 4.0 , which indica t e s  t ha t  t he  UI De s ign Ele me nt s  and AI 
Fe a ture s  pre dic t  t he  Cons ume r Engage me nt  and Trus t  (F=  17.9 , p<.001). The  
pre dic tors  which a re  UI De s ign Ele me nt s  and AI Fe a ture s  s how a  25% (R^ 2=  0.250) 
dire c t ly influe nce  Consume r Engage me nt  and Trus t . While  AI Fe a ture s  a re  
s ignificant ly pos it ive  pre dic tor of Cons ume r Engage me nt  and Trus t  (β=  0 .6231, 
p<.001) , UI De s ign Ele me nt s  a re  not  a  s ignificant ly pos it ive  pre dic tor of Cons ume r 
Engage me nt  and Trus t  (β=  0 .0573, p=  0 .437). This  ind ica t e s  t ha t  in  pre s e nce  of t he  
AI Tool Fe a ture s  , UI De s ign Ele me nt s  may not  cont ribut e  s ignificant ly t o  t he  
pre dic t ion of Cons ume r Engage me nt  and Trus t . The re fore , AI Fe a ture s  a re  a  s t rong 
and inde pe nde nt  pre dic tor of Cons ume r Engage me nt  and Trus t .  
 
The  line a r re gre s s ion analys is  a ls o predic t e d t ha t  for e ve ry one -unit  inc re as e  in  AI 
Fe a ture s , t he re  is  a  cons e cut ive  inc re as e  in  unit s  of Cons ume r Engage me nt  and 
Trus t  (0 .06231) , which a lso prove s  t ha t  t he  UI De s ign Ele me nt s  will re main cons t ant .  
 
Bas e d on the  as s umpt ions  che cks (Table  4  be low), t he  Variance  Infla t ion Fac tor (VIF) 
s ugge s t s  how much variance  of an e s t ima ted re gre s s ion coe ffic ie nt  is  infla t e d due  
to  mult icolline a rit y.The  VIF va lue  t hre s hold is  be twe e n 5- 10 , while  t he  va lue s  of both 
inde pe nde nt  va riable s  a re  1.47 and tole rance  va lue s  as  0 .679 . This  indica t e s  t ha t  
mult icolline a rit y is  not  a  s ignificant  conce rn, s ugge s t ing tha t  t he  inde pe nde nt  
va riable s  a re  not  ove rly corre la t e d with e ach othe r a llowing an inde pe nde nt  e ffe c t  of 
e ach va riable .   
The  Q-Q Plot s  and Re s iduals  plot  a ls o confirme d the  non-normalit y dis t ribut ion of 
t he  da t a  a s  indica t e d in  t he  de s c ript ive  ana lys is .  



 
5.1 Qualitative Analysis Results  
 
Thematic analysis was adopted to encode the responses from the open -ended 
questions from the questionnaire. The questionnaire consisted of two open -ended 
questions: “What one change would most improve your trust in the app's AI?” and 
“Describe a situation where the UI design helped or frustrated you”.  
 
“What one change would most improve your trust in the app's AI?”  
Participants' suggestions to improve their trust in the app's AI was centered on 
transparency, security and more human -like interactions. This highlights that there 
is a need for clarity and risk management in financial apps.  
 
The suggestion about “Transparency and explainability" was observed to be the 
dominant one. Participants desired to understand the working of AI and the 
fundamentals behind decision -making of AI. For example, one participant wished for 
"Increased transpare ncy regarding how the AI makes decisions and a clear 
explanation of its limitations" (ST, 29). This suggests that there is a lack of clear 
understanding of how AI makes decision -making and transparency about AI’s 
limitations.  
Another user expressed "mistrust with AI and how reliable it can be," worrying about 
how AI functions and "how it ensures that my information (and money) is secure" 
(Irfan Yaqub, 30).  This suggests that there is a mistrust issue about data security 
and unassurance about the reliability of AI.  The suggestion for "More knowledge 
sharing about it" (NLKY, 24) further emphasizes this gap in user understanding, 
implying that proactive education about AI features could significantly bolster trust.  
 
A direct request for enhanced "Security" (Muhammad Baqir, 26) highlights concerns 
about security from AI. Participants also linked reliability to practical, real -time 
functionality, suggesting "Customised suggestions during the transfer process 
regarding t he transection time will enhance the reliability of the AI system" (Irfan 
Yaqub, 30). The mention of needing "License and registration" (Zarghona Ayub, 35) 
suggests a desire for accountability and validation of AI tools from Fintech 
companies.  
 
A direct plea for "More human aspects" (LJL, 23) suggests a desire for less robotic 
and more intuitive AI interactions, indicating a desire towards more human -like 
interactions from AI. This preference became apparent when the AI fell short, as 



evidenced by frustration when the AI "Didn't answer my questions" (Muhammad 
Baqir, 26 ).  
 
“Describe a situation where the UI design helped or frustrated you”.  
 
A situation when UI design elements helped,  
 
The positive responses under this situation were focused on intuitive navigation and 
clarity. A clear and intuitive navigation menu enabling "quick access to banking 
features" (ST, 29) was highly praised. The "transection technique employed by Wise 
has significantly facilitated the smoothness of the entire operation" (Irfan Yaqub, 
30), indicating a well -designed workflow. The convenience of "Scan and pay Ui" (KT, 
24) exemplifies effective, streamlined UI elements. This indicates that the 
consumers prefer ea sier location and effective utilisation of banking features.  
 
There was also one highlight on the design of specific features, which  enhanced 
user experience. Appreciation for "multiple savings pots and cards" (Sw, 22) 
indicates that well - implemented, distinct features contribute positively to usability 
and engageme nt.  
 
A situation when UI design was frustrating  
 
Negative feedback was observed from the responses which highlighted that UI 
Design Elements can be complex and lead to Information Density. Participants 
reported being particularly frustrated by "An overly complex UI with too many nested 
menus, making simp le tasks difficult to complete" (ST, 29). General dissatisfaction 
with "When contents page is not neat" (Zarghona Ayub, 35) reflects issues with 
disorganized layouts. This indicates that complex designs and cluttered interfaces 
make simple tasks very diffi cult for the consumers. The initial learning curve, where a 
participant  is "just pressing on everything to figure out how everything works" (Irfan 
Yaqub, 30), suggests a lack of immediate intuitiveness or clear onboarding.  
 
“The absence of an easily accessible Terms And Conditions Form" (SH, 25) can erode 
trust if crucial details are hard to find. This suggests that lack of clarity and 
responsiveness leads to confusion and complex process of  task completions, which 
leads to frustrations among the consumers.  
 

Table 1: Descriptive statistics with Shapiro -Wilk of Normality  
Statistic  IV1 IV2 DV 



N 110 110 110 

Mean  35.4 15.4 24.8 

Median  36  15.5 25 

Standard Deviation  5.41 2.83 3.92 

Variance  29 .3 8.03 15.3 

Minimum  14 9  13 

Maximum  50 25 35 

Skewness  -0 .74 0 .42 -0 .33 

Std. Error of Skewness  0 .23 0 .23 0 .23 

Kurtosis  3.7 1.4 0 .51 

Std. Error of Kurtosis  0 .46 0 .46 0 .46 

Shapiro-Wilk W 0 .93 0 .97 0 .97 

Shapiro-Wilk p < .001 0 .005 0 .014 
 
 Note : IV1=  UI De s ign Ele me nt s , IV2=  AI Fe a ture , DV=  Cons ume r Engage me nt  and 
Trus t   
Plots       

 
DV 



 
TABLE 2: 
Relationship between UI Design Elements, AI Features and Consumer Engagement 
and Trust.  

Variable 1 2 3 

UI Design Elements (IV1) —   

AI Features (IV2) 0 .416∗∗∗ —  

Cons ume r Engage me nt  and Trus t  
(DV) 0 .311∗∗∗ 0 .469∗∗∗ — 
 
Note : All corre la t ions  a re  s ignificant  a t  p<.001. The  degre e s  of fre e dom for a ll t e s t s  is  
108, with a  tot a l s ample  s ize  of N= 110 . 
    ***p<.001 

Plot 2: Correlation Matrix   



 
TABLE 3: 
Impact of UI Design Elements and AI Features on Consumer Engagement and Trust  

Model  R R² Adjusted R²  F df1 df2  p-value 

1 0.500  0.250 0.236 17.9 2 107 <.001 

Note. Models estimated using sample size of N=110  
 

       Model Coefficients - DV 
Predictor                    Estimate         SE                      t             p 

Intercept  13.1724 2.2743 5.792 <.001 

IV1 0.0573 0.0735 0.780 0.437 
IV2 0.6231 0.1403 4.442 <.001 

 

 

 TABLE 4: Variance Inflation Factor 

Assumption Checks; Collinearity Statistics  

Variable VIF Tolerance  



IV1: UI Design Elements 1.47 0.679 
IV2: AI Features 1.47 0.679 

Note: VIF (Variance Inflation Factor) values below 5 and Tolerance values above 0.2 are generally 
considered to indicate a lack of significant multicollinearity. The results suggest that multicollinearity 
is not an issue in this model.  

 

 

 

 

 

 

Plots 3:  

Q-Q Plot & Residual Plot  

 



 

 

 

 

 

 

 

 

 

 

 
Chapter 6: Practical Implications and Further Research  

6.1 Practical Implications  

The findings of this study provide useful insights for both fintech developers and 
consumers. For financial institutions, the results highlight the importance of 
integrating intuitive UI design with transparent and personalised AI features to 
foster trust and sustained engagement. Specifically, streamlined layouts, consistent 
visual structures, and gamification elements can enhance usability and satisfaction, 
while AI-driven personalisation and proactive support functions have the potential to 
deepen consum er trust and loyalty. Importantly, developers should prioritise AI 
systems that demonstrate transparency and adopt empathetic, human -like 
communication styles, as these reduce perceptions of transactional coldness and 
enhance advisory value.  



For consumers, this research clarifies the mechanisms through which design and AI 
func t ionalit ie s  influe nce  the ir digit a l banking e xpe rie nce s . By be coming aware  of t he  
role  of int e rface  de s ign and t rans pare ncy, cons ume rs  can be t t e r e va lua t e  and s e le c t  
banking applica t ions  tha t  a lign with t he ir nee ds  for us abilit y, e ffic ie ncy, and t rus t . 

The s e  implica t ions  a re  mos t  re le vant  t o  digita l banking conte xt s  whe re  t rus t  is  
ce nt ra l t o  financ ia l de cis ion-making. Howe ve r, t he  conc lus ions  may be  le s s  
t rans fe rable  t o  non-financia l digit a l pla t forms , whe re  ris k and us e r e xpe c t a t ions  
diffe r s ignificant ly. 

6.2 Study Limitations  

Despite its contributions, this study has several limitations that must be 
acknowledged. First, reliance on self -reported survey data introduces the possibility 
of socially desirable responses rather than authentic reflections. Second, the 
modest sample si ze of 110 participants restricts the generalisability of the findings 
across broader or more diverse user populations. Third, the challenge of reducing 
complex constructs such as “gamification” and “consumer trust” into survey items 
may have oversimplified  participants’ actual experiences and perceptions. These 
limitations suggest caution in extrapolating findings beyond the immediate sample.  

 

6.3 Recommendations for Further Research  

To build upon the insights of this study and address its limitations, several directions 
for future research are proposed. Future studies could employ experimental designs 
that systematically manipulate specific UI elements, such as colour schemes or 
navigation flows, and AI features such as levels of personalisation and transparency, 
in order to establish causal relationships with trust and engagement. Moving beyond 
self -reported data, subsequent research should also integrate objective measures 
such as session duration, feature adoption rates, and interaction frequency to 
capture real -world engagement patterns more accurately.  

Longitudinal studies would provide valuable insights into whether the benefits of 
well -designed UI and AI features persist, diminish, or evolve with continued usage 
over time. Similarly, qualitative methods such as interviews or focus groups could 
uncover the cognitive and emotional factors that shape user trust in AI, shedding 
light on why certain features are perceived as more reliable or engaging than others. 
Finally, app-specific investigations into platforms such as Wise or Monzo would allow 



for a more focused exploration of how UI and AI configurations operate in practice, 
ge ne ra t ing conte xt -s pe c ific  findings  with gre a t e r prac t ica l re le vance . 

 
Chapter 7: Conclusion  
7.1 Discusion  
 
The primary aim of this study was to investigate the influence of UI design elements 
(color palette, information density, and gamification) and AI features (savings 
recommendations, fraud alerts, and spending categorization) on consumer 
engagement and trus t in AI-powered banking apps. This aim was successfully 
achieved through a correlational analysis that provided clear and actionable insights.  
 
Based on previous research, it was highlighted that a professional, secure, and 
aesthetically pleasing interface is a primary driver of initial trust (Casaló, Luis V. ; 
Flavián, Carlos ; Guinalíu, Miguel , 2024; Chitrakar et al., 2024)). This study extends  
their findings by demonstrating that these same elements contribute to sustained 
engagement. Based on the comprehensive study conducted by Liu et al. (2024), it 
was documented that there were measurable improvements in task completion 
rates, user satisfac tion, and overall engagement metrics when compared to static, 
non -adaptive interfaces. This indicates that personalised UI Design Elements can 
effectively increase User Engagement.  
 
These findings align with the results and analysis of this study, which indicated a 
significant positive correlation (r= 0.311, p < .001) between UI design elements (IV1) 
and consumer engagement and trust (DV). The positive correlation found in this 
study supports the foundational principles of Cognitive Load Theory and Affordance 
Theory . A well-designed UI, characterised by low information density and intuitive 
affordances, reduces the cognitive effort required to use the app, thereby making 
the experienc e more efficient and enjoyable for consumers. These findings are also 
consistent with Jakob's Law (Yablonski, 2024), which signifies that users prefer 
consistency and familiarity. A well -designed UI that aligns with users' mental models 
from other platform s contributes to a seamless experience, reinforcing engagement 
and consistency. Thus, the first hypothesis, which states that “Simplified UI designs 
(low information density, intuitive layouts) positively correlate with higher 
engagement”, stands accepted.   
 
Based on previous research by Pamisetty (2025), findings suggested that AI plays a 
dual role in enhancing both security measures and service personalisation within 
digital banking ecosystems. Other studies conducted by Hari et al. (2021) and 



Puneett Bhatnagr and Rajesh (2024) suggest that the utility and intelligence of AI -
powe re d tools  like  cha tbot s  a re  s ignificant  drive rs  of us e r s a t is fac t ion and cont inue d 
us e . 
The s e  findings  a lign with t he  re s ult s  of this  s t udy, whe re in it  was  concluded tha t  
t he re  is  a  highly s ignificant  pos it ive  corre la t ion be twe e n AI fe a ture s  (IV2) and 
cons ume r e ngage me nt  and t rus t  (DV), with a  s t rong Spe arman's  rho of 0 .469  and a  
p-va lue  of <.001. The  s ignificant ly highe r corre la t ion value  (0 .469) compare d to  UI 
de s ign indica t e s  t ha t  t he  t angible  be ne fit s  provide d by AI fe a ture s , s uch as  s avings  
s ugge s t ions , fraud ale rt s , and e ffe c t ive  s pe nding ca t e goris a t ion, ac t  a s  a  s t ronge r 
and more  imme dia t e  drive r of us e r e ngage me nt  and t rus t . This  a ligns  with the  
Te chnology Acce ptance  Mode l (TAM), which ide nt ifie s  high Pe rce ive d Us e fulne s s  as  
t he  mos t  influe nt ia l pre dic tor of us e r adopt ion. Thus , t he  s e cond hypothe s is , which 
s t a t e s  t ha t  “ AI fe a ture s  t ha t  e nhance  pe rs ona lis a t ion (e .g., t a ilore d s avings  t ips ) 
inc re as e  us e r e ngage me nt”, is  acce pte d.  
 
Whe n looking a t  the  combine d influence  of UI De s ign Ele me nt s  and AI Fe a ture s  on 
Cons ume r Engage me nt  and Trus t , t he re  was  a  re s e a rch gap, which was  highlight e d 
by Xu e t  a l. (2024), who ca lled for how both the  va riable s  can holis t ica lly int e rac t  with 
e ach othe r and collec t ive ly influe nce  Cons ume r Engage me nt  and Trus t . The  ana lys is  
of t his  s t udy s howe d tha t  t he re  is  a  s t a t is t ica lly s ignificant  pos it ive  re la t ions hip 
be twe e n UI de s ign e le me nt s  and AI fe a ture s , with a  Spe arman's  rho of 0 .416  and a  p-
va lue  of <.001. The  re s ult s  s how tha t  UI and AI a re  not  indepe nde nt  va riable s  in  the ir 
e ffe c t  on cons ume r e ngage me nt  and t rus t ; ra the r, t he y a re  mode ra t e ly and 
pos it ive ly re la t e d. A we ll-de s igne d, us e r-friendly, and vis ua lly appe a ling int e rface  
ac t s  a s  t he  we lcoming “front  door”, make s  AI fe a ture s  fe e l approachable  and re liable . 
In  t urn, t he  AI de live rs  me aningful, va luable  func t ionalit y t ha t  ke e ps  us e rs  e ngage d, 
proving tha t  t he  high-qualit y UI is  worth t he  inve s tme nt . This  conne c t ion make s  it  
c le a r t ha t  t he  be s t  re s ult s  come  from giving e qua l a t t e nt ion to  both intuit ive  de s ign 
and powe rful, int e llige nt  fe a ture s . This  a ligns  with t he  ana lys is  of this  s t udy, whe re in 
t he re  was  a  25%  (R^ 2=  0.250) pre dic t ion towards  Cons ume r Engage me nt  and 
Trus t . This  indica t e s  t ha t  whe n AI t ool fe a ture s  a re  pre s e nt , UI de s ign e le me nt s  may 
have  lit t le  impac t  on pre dic t ing cons ume r e ngage me nt  and t rus t . Signifie s  t ha t  AI 
fe a ture s  s e rve  as  a  s t rong, inde pe ndent  drive r of both e ngage me nt  and t rus t . Thus , 
t he  t hird hypothe s is , which s t a t e s  t ha t  “There  is  a  s ignificant  pos it ive  re la t ions hip 
be twe e n UI de s ign e le me nt s  and AI fe a ture s  in  AI-powe re d banking applica t ions .”, is  
acce pte d. 
 
In  conc lus ion, t his  s t udy  indica t e s  t ha t  both UI de s ign e le me nt s  and AI fe a ture s  
inde pe nde nt ly cont ribut e  t o  cons ume r e ngage me nt  and t rus t . Ana lys is  re ve a le d a  



strong positive relationship between AI features (savings recommendations, fraud 
a le rt s , and s pe nding ca t e goris a t ion)and Use r Engage me nt . This  s ugge s t s  t ha t  a s  
t he  pe rce ive d va lue  of the s e  AI func t iona lit ie s  inc re as e s , cons ume r e ngage me nt  and 
t rus t  a re  like ly t o  ris e  corre s pondingly. On the  othe r hand, t his  re la t ions hip re mains  
cons t ant  e ve n whe n UI De s ign Ele me nt s  a re  he ld cons t ant , unde rs coring the  
inde pe nde nt  pre dic t ive  capac ity of AI fe a ture s . 
 
Me anwhile , UI De s ign Ele me nt s  (colour pa le t t e , informat ion de ns ity, and 
gamifica t ion) we re  a ls o s ignificant  predic tors  of Engage me nt  and t rus t .Thus ,  a  we ll-
de s igne d int e rface  s e rve s  as  a  founda t ion for us e r confide nce , e nhancing us abilit y 
and ove ra ll int e rac t ion qualit y. 
 
 
References  
 
Ayomiposi Feyisekemi Akinwale (2022) CUSTOMER SATISFACTION AND ITS ROLE IN 
FINTECH COMPANY USING WISE AS A CASE STUDY,  CUSTOMER SATISFACTION AND 
ITS ROLE IN FINTECH COMPANY USING WISE AS A CASE STUDY. Available at: 
https://www.academia.edu/125288383/CUSTOMER_SATISFACTION_AND_ITS_ROL
E_IN_FINTECH_COMPANY_USING_WISE_AS_A_CASE_STUDY. 
 
Bach, T.A. et al. (2022) ‘A Systematic Literature Review of User Trust in AI -Enabled 
Systems: An HCI Perspective’, International Journal of Human –Computer Interaction, 
40(5), pp. 1–16. Available at: https://doi.org/10.1080/10447318.2022.2138826 . 
 
Barney, J. (1991) ‘Firm Resources and Sustained Competitive Advantage’, Journal of 
Management, 17(1), pp. 99 –120. Available at: 
https://doi.org/10.1177/014920639101700108 . 
 
Bayuk, J. and Altobello, S.A. (2019) ‘Can gamification improve financial behavior? The 
moderating role of app expertise’, International Journal of Bank Marketing, 37(4). 
Available at: https://doi.org/10.1108/ijbm -04-2018-0086 . 
Casaló, Luis V. ; Flavián, Carlos ; Guinalíu, Miguel (2024) The role of security, privacy, 
usability and reputation in the development of online banking - EconBiz, Econbiz.de. 
Available at: https://www.econbiz.de/Record/the -role-of -security -privacy -usability -
and-reputation -in-the -development -of -online -banking -casal%C3%B3-
luis/10014965741. 
 

https://www.academia.edu/125288383/CUSTOMER_SATISFACTION_AND_ITS_ROLE_IN_FINTECH_COMPANY_USING_WISE_AS_A_CASE_STUDY
https://www.academia.edu/125288383/CUSTOMER_SATISFACTION_AND_ITS_ROLE_IN_FINTECH_COMPANY_USING_WISE_AS_A_CASE_STUDY
https://doi.org/10.1080/10447318.2022.2138826
https://doi.org/10.1177/014920639101700108
https://doi.org/10.1108/ijbm-04-2018-0086
https://www.econbiz.de/Record/the-role-of-security-privacy-usability-and-reputation-in-the-development-of-online-banking-casal%C3%B3-luis/10014965741
https://www.econbiz.de/Record/the-role-of-security-privacy-usability-and-reputation-in-the-development-of-online-banking-casal%C3%B3-luis/10014965741
https://www.econbiz.de/Record/the-role-of-security-privacy-usability-and-reputation-in-the-development-of-online-banking-casal%C3%B3-luis/10014965741


Cheng, C. (2025) ‘The Impact of User Interface Aesthetics on Consumer Motivation in 
Adopt ing Mobile  Banking Applica t ions : A Re vie w’, Int e rna t iona l Journa l of Innova t ion 
and Bus ine s s  St ra t e gy (IJIBS), 20 (1), pp. 01-15. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .11113/ ijibs .v20.181. 
 
Chit rakar, L. e t  al. (2024) ‘Us e r-Ce nt ric  De s ign of Ui for Mobile  Banking Apps : 
Improving Ui and Fe a ture s  for Be t t e r Cus tome r Expe rie nce ’. Available  a t : 
ht t ps :/ /doi.org/10 .2139 /s s rn.5056829. 
 
Chukwudi, C. e t  a l. (2023) ‘INFLUENCE OF ARTIFICIAL INTELLIGENCE (AI) ON 
CUSTOMER EXPERIENCE AND LOYALTY: MEDIATING ROLE OF PERSONALIZATION’, 
Journa l of Da ta  Acquis it ion and Proces s ing, 38(3), p . 1936 . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .5281/ze nodo.98549423. 
Davis , F.D. (1989) ‘Pe rce ive d us e fulne s s , pe rce ive d e as e  of us e , and us e r acce ptance  
of informat ion t e chnology’, MIS Quart e rly, 13(3), pp. 319–340 . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .2307/249008. 
 
De dre  Ge ntne r, Albe rt  L. St e ve ns  (2014) Me nta l Mode ls . Edit e d by D. Ge ntne r and A.L. 
St e ve ns . Ps ychology Pre s s . Ava ilable  a t : ht tps :/ /doi.org/10.4324/9781315802725. 
 
Dillon, M. and Williams , L. (2024) Caus al Re as oning Me e t s  Se nt ime nt  Ana lys is : 
Le ve raging LLMs  for Enhance d Cus tome r Fe e dback Ins ight s  in  E-comme rce , 
Re s e a rchga te . Ava ilable  a t : ht tps :/ /doi.org/10 .13140 /RG.2.2.32215.28328. 
 
DiMaggio, P.J. and Powe ll, W.W. (1983) ‘The  Iron Cage  Re vis it e d: Ins t it ut iona l 
Is omorphis m and Colle c t ive  Ra t iona lit y in  Organiza t ional Fie lds ’, Ame rican 
Soc iologica l Re vie w, 48(2), pp. 147–160. Ava ilable  a t : 
ht t ps :/ /www.js tor.org/s t able /2095101. 
 
Fe lipe , T. e t  al. (2025) ‘Digit a l t rans format ion in  comme rc ia l banks : Unrave ling the  flow 
of Indus t ry 4.0 ’, Digit a l Bus ine s s , 5(2), p . 100129 . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .1016 /j.digbus .2025.100129 . 
Ge ne ra t ive  AI for Enhance d Us e r Int e rface  (UI) De s ign (2023) Re s e archGate . Ava ilable  
a t : 
ht t ps :/ /www.re s e a rchga te .ne t /publica t ion/390492689_ Ge ne ra t ive _ AI_ for_ Enhanc
e d_ Us e r_ Int e rface _ UI_ De s ign. 
 

https://doi.org/10.11113/ijibs.v20.181
https://doi.org/10.2139/ssrn.5056829
https://doi.org/10.5281/zenodo.98549423
https://doi.org/10.2307/249008
https://doi.org/10.4324/9781315802725
https://doi.org/10.13140/RG.2.2.32215.28328
https://www.jstor.org/stable/2095101
https://doi.org/10.1016/j.digbus.2025.100129
https://www.researchgate.net/publication/390492689_Generative_AI_for_Enhanced_User_Interface_UI_Design
https://www.researchgate.net/publication/390492689_Generative_AI_for_Enhanced_User_Interface_UI_Design


Ghali, Z. (2021) ‘Motives of customers’ e -loya lty t owards  e -banking s e rvice s : a  s tudy 
in  Saudi Arabia ’, Journal of De c is ion Sys t e ms , 1(1), pp. 1–22. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .1080 /12460125.2020 .1870063. 
 
Hari, H., Iye r, R. and Sampat , B. (2021) ‘Cus tome r Brand Engage me nt  t hrough Cha tbot s  
on Bank We bs it e s – Examining the  Antece de nt s  and Cons e que nce s ’, Int e rna t iona l 
Journa l of Human–Compute r Int e rac t ion, 38(13), pp. 1–16 . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .1080 /10447318.2021.1988487. 
 
Hick, W.E. (1952) ‘On the  Ra te  of Ga in of Informat ion’, Quart e rly Journa l of 
Expe rime nta l Ps ychology, 4(1), pp. 11–26. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .1080 /17470215208416600 
 
.Indrias a ri, E. e t  a l. (2022) ‘Adopt ion of De s ign Thinking, Agile  Software  De ve lopme nt  
and Co-c re a t ion: A Qua lit a t ive  Study towards  Digit a l Banking Innova t ion Succe s s ’, 
Int e rna t ional Journa l of Eme rging Te chnology and Advance d Engine e ring, 12(1), pp. 
111–128. Ava ilable  a t : ht t ps :/ /doi.org/10.46338/ ije t ae 0122_ 11. 
 
Ja i (2024) ‘Le ve raging Ge ne ra t ive  AI for Hype r Pe rs ona lize d Re wards  and Be ne fit s  
Programs : Ana lyzing Cons ume r Be havior in  Financia l Loya lty Sys t e ms ’, Journa l of 
Ele c t rica l Sys t e ms , 20 (11s ), pp. 3647–3657. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .52783/ je s .8196. 
 
Jamovi (2022) jamovi -  St a t s . Ope n. Now., Jamovi.org. Ava ilable  a t : 
ht t ps :/ /www.jamovi.org/ .Kart ike y Kot i (2024) ‘The  Role  Of Art ificia l Int e llige nce  In 
Shaping Cus tome r Expe rie nce s  In  The  Banking Se c tor’, Libra ry Progre s s  Int e rna t iona l, 
44(3), pp. 8622–8628. Ava ilable  a t : ht tps :/ /bpas journa ls .com/libra ry-
s c ie nce / inde x.php/ journal/a rt icle /vie w/2000 . 
 
Kre ge r, A. (2023) Us e r Expe rie nce  De s ign in  Banking is  Us e d to Make  Digit a l Produc t s  
Outcompe t ing, Re s e a rchga te . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .13140 /RG.2.2.29939 .20002. 
 
Kumar, D. and Kumar, Y. (2025) ‘Fraud De tec t ion in Online  Trans ac t ions : Enhanc ing 
Us e r Expe rie nce  with Sca lable  AI Solut ions  of t he  Cre a t ive  Commons  At t ribut ion 
Lice ns e  (CC BY 4.0 )’, Int e rna t iona l Journa l of Tre nd in  Scie nt ific  Re s e a rch and 
De ve lopme nt  (IJTSRD) Int e rna t ional Journa l of Tre nd in  Sc ie nt ific  Re s e a rch and 
De ve lopme nt , (9 ), pp. 858–867. Ava ilable  a t : 
ht t ps :/ /www.ijt s rd.com/pape rs / ijt s rd81165.pdf. 

https://doi.org/10.1080/12460125.2020.1870063
https://doi.org/10.1080/10447318.2021.1988487
https://doi.org/10.1080/17470215208416600
https://doi.org/10.46338/ijetae0122_11
https://doi.org/10.52783/jes.8196
https://bpasjournals.com/library-science/index.php/journal/article/view/2000
https://bpasjournals.com/library-science/index.php/journal/article/view/2000
https://doi.org/10.13140/RG.2.2.29939.20002
https://www.ijtsrd.com/papers/ijtsrd81165.pdf


 
Kumaras inghe , J. (2024) ‘Improving the  B App to  Improve  Cus tome r Expe rie nce  and 
Ope ra t ional Efficie ncy: From the  Pe rs pe c t ive s  of Us e r Engage me nt , Func t iona lit y, and 
Se curit y’, Urn.fi [Pre print ]. Ava ilable  a t : ht t p:/ /www.the s e us .fi/handle /10024/870691. 
 
Layla  Abde l-Rahman Aziz and Yuli Andrians yah (2023) ‘The  Role  Art ific ia l Int e llige nce  
in  Mode rn Banking: An Explora t ion of AI-Drive n Approache s  for Enhanced...’, 
Re s e a rchGate , 6 (1), pp. 110–132. Available  a t : 
ht t ps :/ /www.re s e a rchga te .ne t /publica t ion/373489510_ The _ Role _ Art ific ia l_ Int e llig
e nce _ in_ Mode rn_ Banking_ An_ Explora t ion_ of_ AI-
Drive n_ Approache s _ for_ Enhance d_ Fraud_ Pre ve nt ion_ Ris k_ Manage me nt_ and_ R
e gula tory_ Compliance . 
 
Lin, C.-Y. (2025) ‘The  us e r int e rface  de s ign of mobile  financia l applica t ions  bas e d on 
the  E-S-QUAL mode l’, IET Confe re nce  Proce e dings , 2024(28), pp. 125–127. Ava ilable  
a t : ht t ps :/ /doi.org/10 .1049 / icp.2025.0212. 
Liu, Y. e t  al. (2024) ‘Enhanc ing us e r e ngage me nt  t hrough adapt ive  UI/UX De s ign: A 
s tudy on pe rs ona lize d mobile  app int e rface s ’, Compute r Sc ie nce  & IT Re s e arch 
Journa l, 5(8), pp. 1942–1962. Ava ilable  a t : ht t ps :/ /doi.org/10.51594/cs it rj.v5i8.1457. 
 
Ma , H. and Li, N. (2024) ‘Exploring Us e r Be haviora l Int e nt ions  and The ir Re la t ions hip 
with AI De s ign Tools : A Future  Out look on Int e llige nt  De s ign’, IEEE Acce s s , pp. 1–1. 
Ava ilable  a t : ht t ps :/ /doi.org/10.1109 /acce s s .2024.3441088. 
 
Mavri, M. and Ioannou, G. (2006) ‘Consume rs ’ pe rs pe c t ive s  on online  banking 
s e rvice s ’, Int e rna t iona l Journa l of Cons ume r Studie s , 30 (6 ), pp. 552–560 . Ava ilable  a t : 
ht t ps :/ /doi.org/10 .1111/ j.1470-6431.2006 .00541.x. 
 
Md As hra fuzzaman e t  a l. (2025) ‘AI-Powe re d Pe rs ona liza t ion In Digit al Banking: A 
Re vie w Of Cus tome r Be havior Ana lyt ic s  And Engage me nt ’, Ame rican Journal of 
Int e rdis c iplina ry Studie s  , 6 (1), pp. 40–71. Ava ilable  a t : 
ht t ps :/ /www.re s e a rchga te .ne t /publica t ion/391810532_ AI-
Powe re d_ Pe rs ona liza t ion_ In_ Digit a l_ Banking_ A_ Re vie w_ Of_ Cus tome r_ Be havior_
Ana lyt ic s _ And_ Engage me nt . 
 
Me ne ze s , A., Kavyas hre e  K and Na ik, S. (2024) ‘Cus tome r Pe rce pt ion of Art ificia l 
Int e llige nce  in  Public  Banking: An Empirica l Ana lys is ’, ITM We b of Confe re nce  
[Pre print ]. Ava ilable  a t : ht tps :/ /doi.org/10 .1051/ itmconf/20246801026 . 
 

http://www.theseus.fi/handle/10024/870691
https://www.researchgate.net/publication/373489510_The_Role_Artificial_Intelligence_in_Modern_Banking_An_Exploration_of_AI-Driven_Approaches_for_Enhanced_Fraud_Prevention_Risk_Management_and_Regulatory_Compliance
https://www.researchgate.net/publication/373489510_The_Role_Artificial_Intelligence_in_Modern_Banking_An_Exploration_of_AI-Driven_Approaches_for_Enhanced_Fraud_Prevention_Risk_Management_and_Regulatory_Compliance
https://www.researchgate.net/publication/373489510_The_Role_Artificial_Intelligence_in_Modern_Banking_An_Exploration_of_AI-Driven_Approaches_for_Enhanced_Fraud_Prevention_Risk_Management_and_Regulatory_Compliance
https://www.researchgate.net/publication/373489510_The_Role_Artificial_Intelligence_in_Modern_Banking_An_Exploration_of_AI-Driven_Approaches_for_Enhanced_Fraud_Prevention_Risk_Management_and_Regulatory_Compliance
https://doi.org/10.1049/icp.2025.0212
https://doi.org/10.51594/csitrj.v5i8.1457
https://doi.org/10.1109/access.2024.3441088
https://doi.org/10.1111/j.1470-6431.2006.00541.x
https://www.researchgate.net/publication/391810532_AI-Powered_Personalization_In_Digital_Banking_A_Review_Of_Customer_Behavior_Analytics_And_Engagement
https://www.researchgate.net/publication/391810532_AI-Powered_Personalization_In_Digital_Banking_A_Review_Of_Customer_Behavior_Analytics_And_Engagement
https://www.researchgate.net/publication/391810532_AI-Powered_Personalization_In_Digital_Banking_A_Review_Of_Customer_Behavior_Analytics_And_Engagement
https://doi.org/10.1051/itmconf/20246801026


None Olawale Olowu et al. (2024) ‘AI -drive n fraud de t e c t ion in  banking: A s ys t e mat ic  
re vie w of da t a  s c ie nce  approache s  t o  e nhanc ing cybe rs e curit y’, GSC Advance d 
Re s e arch and Re vie ws , 21(2), pp. 227–237. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .30574/gsca rr.2024.21.2.0418. 
 
Pamis e t ty, A. (2025) Vie w of AI Powe re d Pre dic t ive  Analyt ic s  in Digit al Banking and 
Finance : A De e p Dive  into Ris k De te c t ion, Fraud Pre ve nt ion, and Cus tome r Expe rie nce  
Manage me nt , Nano-ntp.com. Ava ilable  a t : ht t ps :/ /nano-
ntp.com/inde x.php/nano/a rt icle /vie w/5066 /4010 . 
 
Pane ru, B. e t  a l. (2024) ‘Exploring the  Ne xus  of Us e r Int e rface  (UI) and Us e r Expe rie nce  
(UX) in  t he  Conte xt  of Eme rging Tre nds  and Cus tome r Expe rie nce , Human Compute r 
Int e rac t ion, Applica t ions  of Art ific ial Int e lligence ’, Int e rna t iona l Journal of Informat ics , 
Informat ion Sys t e m and Compute r Engine e ring (INJIISCOM), 5(1), pp. 102–113. 
Ava ilable  a t : ht t ps :/ /ojs .unikom.ac .id/ inde x.php/ injiis com/art ic le /vie w/12488. 
Pa ras uraman, A., Ze ithaml, V.A. and Malhotra , A. (2005) ‘E-S-QUAL: a  Mult iple -It e m 
Sca le  for As s e s s ing Elec t ronic  Se rvice  Qua lit y’, Journa l of Se rvice  Re s e arch, 7(3), pp. 
213–233. Ava ilable  a t : ht t ps :/ /doi.org/10.1177/1094670504271156. 
 
Pins ki, M. and Be nlian, A. (2024) ‘AI lit e racy for us e rs  – A compre hens ive  re vie w and 
future  re s e a rch dire c t ions  of le a rning me thods , compone nt s , and e ffe c t s ’, 
Compute rs  in human be havior. Art ific ial humans , 2(1), pp. 100062–100062. Ava ilable  
a t : ht t ps :/ /doi.org/10 .1016 / j.chbah.2024.100062. 
 
Pune e t t  Bha tnagr and Ra je s h, A. (2024) ‘Art ificia l Int e llige nce  Fe a ture s  and 
Expe c t a t ion Confirmat ion The ory in  Digita l Banking apps : Ge n Y and Z Pe rs pe c t ive ’, 
Manage me nt  De cis ion [Pre print ]. Ava ilable  a t : ht tps :/ /doi.org/10 .1108/md-07-2023-
1145. 
 
Rohit , K. e t  a l. (2025) ‘Smart  banking cha tbots  and cons ume r e ngage me nt : t he  role  of 
t rus t  and privacy in  AI-drive n banking’, Journa l of St ra t egic  Marke t ing, pp. 1–18. 
Ava ilable  a t : ht t ps :/ /doi.org/10.1080 /0965254x.2025.2481140 . 
 
Runs e we , O. e t  a l. (2024) ‘Opt imizing us e r int e rface  and us e r e xpe rie nce  in  financ ial 
applica t ions : A re vie w of t e chnique s  and te chnologie s ’, World Journal of Advance d 
Re s e arch and Re vie ws , 23(3), pp. 934–942. Ava ilable  a t : 
ht t ps :/ /doi.org/10 .30574/wja rr.2024.23.3.2633. 
 

https://doi.org/10.30574/gscarr.2024.21.2.0418
https://nano-ntp.com/index.php/nano/article/view/5066/4010
https://nano-ntp.com/index.php/nano/article/view/5066/4010
https://ojs.unikom.ac.id/index.php/injiiscom/article/view/12488
https://doi.org/10.1177/1094670504271156
https://doi.org/10.1016/j.chbah.2024.100062
https://doi.org/10.1108/md-07-2023-1145
https://doi.org/10.1108/md-07-2023-1145
https://doi.org/10.1080/0965254x.2025.2481140
https://doi.org/10.30574/wjarr.2024.23.3.2633


Schwartz, B. (2004) ‘The Paradox Of Choice: Why More Is Less’, The Paradox Of 
Choice : Why More  Is  Le s s  [Pre print ]. Ava ilable  a t : ht t ps :/ /works .s warthmore .e du/fac -
ps ychology/198/ . 
 
Su, L., Cui, A.P. and Wals h, M.F. (2019) ‘Trus tworthy Blue  or Unt rus tworthy Re d: The  
Influe nce  of Colors  on Trus t ’, Journa l of Marke t ing The ory and Prac t ice , 27(3), pp. 
269–281. Ava ilable  a t : ht t ps :/ /doi.org/10.1080 /10696679 .2019 .1616560 . 
 
Te plov, Danii (2019) DEVELOPMENT OF A MOBILE ONLINE BANKING UX/UI PROTOTYPE. 
Ava ilable  a t : 
ht t ps :/ /www.the s e us .fi/bit s t re am/handle /10024/266204/Te plov_ Daniil.pdf?s e quen
ce = 2. 
 
Urquiza -Haas , E.G. and Kot rs chal, K. (2015) ‘The  mind be hind anthropomorphic 
t hinking: a t t ribut ion of me nta l s t a t e s  t o  othe r s pe c ie s ’, Animal Be haviour, 109(0003-
3472), pp. 167–176 . Ava ilable  a t : ht t ps :/ /doi.org/10 .1016 / j.anbe hav.2015.08.011. 
Wilke ning, E.A. (1963) ‘DIFFUSION OF INNOVATIONS. By Eve re t t  M. Roge rs . Ne w York: 
The  Fre e  Pre s s  of Gle ncoe , 1962. 367 pp. $6 .50 ’, Soc ial Force s , 41(4), pp. 415–416 . 
Ava ilable  a t : ht t ps :/ /doi.org/10.2307/2573300 . 
 
Wis e  (2024) mone y without  borde rs  2024 Annua l Re port  and Account s . Available  a t : 
ht t ps :/ /wis e .com/imaginary-v2/ image s /3f1628373b212ca54c1ac73c68d69b72-
WISE-2024-Annua l-Re port -and-Account s .pdf. 
 
Xu, Y. e t  a l. (2024) ‘AI-Drive n UX/UI De s ign: Empirica l Re s e a rch and Applica t ions  in 
FinTe ch’, Int e rna t ional Journal of Innova t ive  Re s e arch in  Compute r Sc ie nce  and 
Te chnology, 12(4), pp. 99–109 . Ava ilable  at : 
ht t ps :/ /doi.org/10 .55524/ ijirc s t .2024.12.4.16 . 
 
Yablons ki, J. (2024) Jakob’s  Law, Laws  of UX. Ava ilable  a t : 
ht t ps :/ / laws ofux.com/jakobs -law/ . 
 
 
 
 
 
 

https://works.swarthmore.edu/fac-psychology/198/
https://works.swarthmore.edu/fac-psychology/198/
https://doi.org/10.1080/10696679.2019.1616560
https://www.theseus.fi/bitstream/handle/10024/266204/Teplov_Daniil.pdf?sequence=2
https://www.theseus.fi/bitstream/handle/10024/266204/Teplov_Daniil.pdf?sequence=2
https://doi.org/10.1016/j.anbehav.2015.08.011
https://doi.org/10.2307/2573300
https://wise.com/imaginary-v2/images/3f1628373b212ca54c1ac73c68d69b72-WISE-2024-Annual-Report-and-Accounts.pdf
https://wise.com/imaginary-v2/images/3f1628373b212ca54c1ac73c68d69b72-WISE-2024-Annual-Report-and-Accounts.pdf
https://doi.org/10.55524/ijircst.2024.12.4.16
https://lawsofux.com/jakobs-law/

	Abstract
	Chapter 1:  Introduction
	Chapter 2: Literature Review
	2.1 The Evolution of Digital Banking: From Automation to AI-Personalisation
	2.2 Integration of AI and UI design into Online Banking to influence Consumer Engagement
	2.3 Theoretical Frameworks for AI and UI in Banking
	2.4 Empirical Studies on UI, AI, and Trust
	2.5 Research Gap

	Chapter 3: Methodology
	3.1 Research Questions and Hypotheses
	3.1.1 Research Questions
	3.1.2 Hypotheses

	H1: Simplified UI designs (low information density, intuitive layouts) positively            correlate with higher engagement.
	3.2 Theoretical Framework
	3.2.1 In relation to AI in banking apps
	3.2.2 In relation to UI Design Elements in banking apps
	3.2.3 In relation to Consumer Engagement and Trust in banking apps
	3.2.4 Influence of use and framework of AI Features and UI Design Elements on Consumer Engagement and Trust
	3.2.5 The framework for Consumer Engagement and Trust

	3.3 Research Strategy
	3.4 Sampling
	3.4.1 Inclusion criteria:
	3.4.2 Exclusion criteria:

	3.5 Procedure
	3.6 Ethical considerations
	3.6.1 Informed Consent
	3.6.2 Confidentiality and Anonymity
	3.6.3 Voluntary Participation

	3.7 Measures
	3.7.1 UI Design Elements (IV 1): This variable assessed participants' perceptions of the user interface's visual and interactive design, including the effectiveness of the color palette, the clarity and organization of information density, and the inf...
	3.7.2 AI Features (IV 2): This variable evaluated participants' perceptions and usage of AI-driven features in banking applications, focusing on key functionalities such as savings recommendations, fraud alerts, and spending categorization. The constr...
	3.7.3 Consumer Engagement and Trust (DV): This variable measured participants' overall engagement with and trust in AI-powered banking applications, capturing dimensions such as usage frequency, feature adoption, perceived utility, satisfaction levels...

	3.8 Data Analysis
	3.8.1 Qualitative Data Analysis


	Chapter 4: Case study: Based on the annual statement of Wise (2024)
	Chapter 5: Research Findings and Discussions
	5.1 Qualitative Analysis Results
	“What one change would most improve your trust in the app's AI?”
	“Describe a situation where the UI design helped or frustrated you”.
	A situation when UI design elements helped,
	A situation when UI design was frustrating


	Chapter 6: Practical Implications and Further Research
	6.1 Practical Implications
	6.2 Study Limitations
	6.3 Recommendations for Further Research

	Chapter 7: Conclusion
	7.1 Discusion

	References

