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Human Intellectual Humility: Addressing the fallibility of Artificial Enabled Systems 

The use of artificial intelligence cuts across diverse fields, allowing the generation of output at 
the speed of light. Despite its efficiency, AI is blamed for its hallucinations and biased output; 
it sometimes generates seemingly convincing outputs that are inaccurate. Hence, its outputs are 
not robust and unreliable. While this is true, society is hypercritical of this anomaly, and they 
tend to forget the fallibility of humans. AI systems are trained with relevant data suitable for 
the applicable context. But it may be reflective of ingrained human conscious or unconscious 
biases. 

For instance, information required for customers’ application forms in financial services, 
housing, and health is flawed with intentional use of protected characteristics (direct 
discrimination) or implied inference of disproportionate treatment  (indirect discrimination) 
(Du Preez et al., 2024; Xin & Huang, 2024). The information comes with implicit biases that 
potentially discriminate against people with conspicuous characteristics like gender, colour, 
religion, age, race, and ethnicity if used as training data. 

Where a protected characteristics variable is unavoidably impossible, Bartlett, Morse, Stanton 
and Wallace (2022) noted that the problem of omitted unobserved customers’ characteristics is 
resolved through proxy selection. However, proxies that inaccurately represent the stakeholders 
can potentially result in inadvertently discriminatory outcomes. For example, the use of 
postcode as a proxy results in unfair treatment of people of a particular income level, religion, 
or race. While AI financial models are perceived to avoid human biases (Barocas &Selbst,  
2016; Bartlett et al., 2022), financial models trained with data prone to implicit or explicit 
discrimination are biased in their judgment. Empirical study of Lindholm, Richman, Tsanakas 
and Wuthric (2022) shows a significant indirect discrimination against people of a particular 
ethnic group when a real-world insurance dataset was used. Inaccuracy in the generated results 
is not attributable to AI hallucination but to human fallibility.  

Surprisingly, AI systems sometimes operate outside the confines of the trained data, generating 
false results. Like humans, AI systems are fallible and have been reported to impact decisions, 
resulting in financial losses. Recently, an audit firm incurred a loss of $290,000 due to the 
failure of human oversight in an AI-generated report (Dhanji, 2025). Until humans 
acknowledge their fallibility, AI hallucinations may remain an indefinite problem with no end 



date. Arguably, from a psychological lens, this paper proposes intellectual humility to disrupt 
AI hallucinations. 

Intellectual humility is the recognition of one's limit of intellectual ability when making 
evidence-based decisions (Leary et al., 2017; Whitcomb et al., 2017; Zmigrod et al., 2019), 
readiness to assess alternative views, and acceptance that the evidentiary basis of one’s 
perceptions may lack some details (Alfano et al., 2017; Whitcomb et al., 2017). Intellectual 
humble individuals give up the notion that their first-order belief is the only correct and 
reasonable one (Alfano et al., 2017). Some may perceive intellectual humility as diffidence or 
Honesty-Humility. Diffidence is the quality or state of being unassertive and bashful; those 
who are unassertive reject their views and accept others’ views due to low self-confidence. 
People characterised with this trait are likely to accept facts on face value and therefore not fit 
either as an AI developer or user. 

On the other hand, Honesty-Humility is a personality trait that projects moral behaviour (Otto 
et al., 2021).  Due to the inclination of the trait to ethical behaviour, it is an essential 
underpinning for ethics in AI governance (Zabel et al., 2025). This view was echoed by 
Rockwell, Zhu and Majumdar (2025), who stated that character traits and human behaviour are 
fundamental to fixing flaws in AI systems. Studies found that those high in Honesty-Humility 
are trustworthy (Thielmann & Hilbig, 2015) and, as a result, may regard AI systems as 
completely truthful (Zabel et al., 2025).  However, another study found that Honesty-Humility 
is negatively related to general and specific acceptance and adoption of AI-enabled systems 
(Weger et al., 2022). While the views of authors  (see Weger et al., 2022  and Zabel et al., 2025) 
appears to be contradictory, the differing views may be true in that the trust of Honesty-
Humility individuals in AI systems (Zabel et al., 2025)  emerge from the belief that AI 
developers are experts and have taken due diligence in the development of AI systems but yet 
they are disinclined to its adoption. Theoretical reasonings from literature suggest that due to 
the moral virtue (Angelis & Pensini, 2023) and risk-averse (Vries et al., 2009) nature of 
Honesty-Humility individuals, their reluctance stems from ethical concerns regarding the usage 
of AI (Zabel et al., 2025). They also believe AI adoption diminishes human authenticity (Zabel 
et al., 2025). In addition to these reasons, this present study believes they perceive machines as 
fallible without accepting the notion of human fallibility. Expectedly, unlike diffidence-
individuals, honesty-humility individuals are not likely to accept the first-order belief of an AI 
system without questioning its output if they embrace its adoption.  

Another human trait character that may depict human infallibility is intellectual arrogance. 
Samuelson and Church (2015) noted that holding to one’s belief without considering other 
views depicts humans as infallible. Those with this improper higher-order epistemic attitude 
are intellectually arrogant (Zmigrod et al., 2019). A developer of an AI system characterised 
with this trait may be heedless to potential problems in the development process. Intellectual 
humility is the virtue that helps to discern between intellectual arrogance and diffidence 
(Johnson, 2017). Likewise, Honesty-Humility individuals may need to be intellectually humble 
to embrace AI systems. 

Intellectually humble individuals recognise and accept that humans are fallible and therefore 
engage the two processes of human thinking and reasoning systems. The first process generates 
fast, automatic and intuitive information, and the second is a conscious and deliberate analysis 
of the output from the former (Alfano et al., 2017). When humans rely on heuristics and 
disengage the latter system, they are perceived as intellectually arrogant, discounting the 
possibility of misinformation in their output. Similarly, AI systems engage the first process of 
human cognition that retrieves fast, automated information and its users should regard this as 



a first-order belief. Because AI systems cannot critically analyse their output, an intellectually 
humble user will recognise their fallibility and assess their output for potential hallucination.  

Rockwell et al. (2025) call for more qualitative research to understand the development and 
application of AI in lived environments as opposed to experimental methods found in 
(Sommaggio & Marchiori, 2020; Weger et al., 2022). Hence, this paper proposes to recruit AI 
developers and users to answer questions in the Comprehensive Intellectual Humility Scale 
(CIHS) to assess participants’ self-perception of their intellectual humility. Subsequently, 
behavioural interview questions will be asked about their successes and mistakes to check to 
validate the self-reported evaluation. Finally, they will be interviewed to confirm if they engage 
the two processes of human thinking and reasoning to assess their belief about human fallibility.  

The core argument of this paper is that Intellectual Humility should be a psychological attribute 
essential for AI developers to minimise flaws in development processes that cause AI 
hallucinations. A developer who believes humans are infallible accepts the model developed as 
perfect without admitting flaws in training data or biases in design choices. These oversights 
cause output of false information from AI systems. On the other hand, users of AI systems that 
lack Intellectual Humility will accept the output without assessing its accuracy. Therefore, the 
findings of this research will highlight how intellectual humility shapes developers’ 
accountability of AI’s development and users’ responsibility for communicating true output 
from the AI system, challenging humans for AI fallibility. 
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